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Abstract

Background: Type 2 diabetes mellitus (T2DM) imposes a substantial burden owing to its increasing prevalence and
life-threatening complications. In patients who do not achieve glycemic targets with oral antidiabetic drugs, the initiation of
insulin is recommended. However, a serious concern regarding insulin is drug-induced hypoglycemia. Hypoglycemia is known
to affect quality of life and the use of health care resources. However, health economics and outcomes research (HEOR) data for
economic modelling are limited, particularly regarding utility values and productivity losses.

Objective: This real-world prospective study aims to assess the impact of hypoglycemia on productivity and utility in
insulin-treated adults with T2DM from Ontario and Quebec, Canada.

Methods: This noninterventional, multicenter, 3-month prospective study will recruit patients from 4 medical clinics and 2
endocrinology or diabetes clinics. Patients will be identified using appointment lists and enrolled through consecutive sampling
during routinely scheduled consultations. To be eligible, patients must be aged ≥18 years, diagnosed with T2DM, and treated
with insulin. Utility and productivity will be measured using the EQ-5D-5L questionnaire and Institute for Medical Technology
Assessment Productivity Cost Questionnaire, respectively. Questionnaires will be completed 4, 8, and 12 weeks after recruitment.
Generalized estimating equation models will be used to investigate productivity losses and utility decrements associated with
incident hypoglycemic events while controlling for individual patient characteristics. A total of 500 patients will be enrolled to
ensure the precision of HEOR estimates.

Results: This study is designed to fill a gap in the Canadian evidence on the impact of hypoglycemia on HEOR outcomes. More
specifically, it will generate productivity and utility inputs for the economic modeling of T2DM.

Conclusions: Insulin therapy is expensive, and hypoglycemia is a significant component of economic evaluation. Robust HEOR
data may help health technology assessment agencies in future reimbursement decision-making.
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Introduction

Background
Diabetes imposes a substantial burden because of its increasing
prevalence and life-threatening complications. According to
Diabetes Canada, 1 in 3 Canadians is living with diabetes or
prediabetes, among which type 2 diabetes mellitus (T2DM)
accounts for 90% to 95% of cases [1]. Glycemic control is key
to diabetes management, and several types of oral therapies
have been approved for T2DM. In patients who do not achieve
glycemic targets on oral antidiabetic drugs, initiation of insulin
therapy is recommended [1]. However, a serious concern
regarding insulin is drug-induced hypoglycemia [2].
Hypoglycemic events are a major obstacle to the achievement
of glycemic targets and represent a challenge for both patients
and physicians. The severity of hypoglycemia is defined by
clinical manifestations ranging from mild symptoms to seizure
and coma [2].

Current State of Knowledge
Hypoglycemia is known to affect quality of life and the use of
health care resources. However, health economics and outcomes
research (HEOR) data for economic modelling are limited,
particularly regarding utility values and productivity losses.
O’Reilly et al [3] recently published data on health care costs
associated with hypoglycemia based on the Canadian cohort of
the International Hypoglycemia Assessment Tool study.
Although relevant data on direct costs were provided,
productivity losses were subject to recall bias (1-year recall)
and were limited to absenteeism (excluding presenteeism and
unpaid work). Regarding utility values, a highly cited literature
review by Beaudet et al [4] identified utilities for 20 modeling
complications associated with T2DM. For hypoglycemia, the
review found only 1 study with utility estimates suitable for
economic modeling, that is, considering the number of events
(rather than the presence vs absence of hypoglycemia).
Economic modeling of T2DM is particularly challenging
because multiple interrelated organ systems are involved over
a long period, with numerous risk factors. For an adverse event
such as hypoglycemia, HEOR data should depend on the number
of episodes to fit T2DM economic models, as in the study by
Currie et al [5], the current preferred source for utility values
for hypoglycemia. Although the study by Currie et al [5] is the
source recommended by several health technology assessment
(HTA) agencies, it is criticized by the National Institute for
Health and Care Excellence (NICE) for being subject to
selection bias and recall bias [6,7]. It should be noted that
Beaudet et al [4] also highlighted that variability around the
utility estimates (eg, SE) is not always reported, thereby limiting
future sensitivity analyses in cost-utility analyses (CUAs).

Canadian data on productivity losses due to hypoglycemia
include a 2005 survey of 133 patients with T2DM of whom up
to 9% and 26% missed work or studies following nonsevere
hypoglycemic events (NSHEs) and severe hypoglycemic events
(SHEs), respectively [8]. A web-based survey included 150
patients with T2DM having a nocturnal NSHE in the previous
month. Among the 87 working respondents, 15 (17%) reported
an average of 3.5 hours of lost work [9]. In the Canadian

Hypoglycemia Assessment Tool cohort, 6% (8/134), 3.8%
(5/134), and 7.5% (10/134) of T2DM workers reported on
average 2.9 days taken off (SD 21.2), 3.8 days arriving late (SD
8.8), and 1.7 days leaving early (SD 0.7), respectively, based
on a 1-year recall [3]. As for utility, time trade-off (TTO) values
were elicited from 51 Canadian respondents with diabetes and
79 respondents from the general population. The mean utility
ranged between 0.85 and 0.94, 0.77 and 0.90, and 0.66 and 0.83
for rare hypoglycemic events (quarterly), intermediate
(monthly), and frequent (weekly) health states, respectively. In
a multivariate linear regression, the estimated utilities associated
with a single hypoglycemic event (all types combined) were
−0.0033 and −0.0032 for respondents with diabetes and the
general population, respectively [10]. Another TTO study
estimated utility decrements of 0.006, 0.008, 0.059, and 0.062
for daytime NSHEs, nocturnal NSHEs, daytime SHEs, and
nocturnal NSHEs, respectively [11]. A third TTO study
including patients with diabetes and respondents from the
general population estimated utility decrements ranging from
0.0028 to 0.0056, 0.0076, 0.0592 to 0.0726, and 0.0616 to
0.0826 for daytime NSHEs, nocturnal NSHEs, daytime SHEs,
and nocturnal SHEs, respectively [12]. No Canadian studies
that met the Canadian Agency for Drugs and Technologies in
Health (CADTH) recommendation to use an indirect method
for utility measurement (eg, EQ-5D) were identified.

Study Rationale and Relevance
The population at risk of drug-induced hypoglycemia is
significant, with nearly 20% to 30% of patients with T2DM
requiring insulin [13,14]. In the last 5 years, CADTH has
reviewed 9 economic evaluations in T2DM, among which 3
were CUAs for insulin therapies [15-17]. Considering the
growing interest in HEOR data in insulin-treated patients with
T2DM, there is a need for robust estimates. Data on productivity
losses are lacking, which are particularly meaningful in Quebec,
where the Institut national d’excellence en santé et en services
sociaux preconizes economic evaluations by adopting a societal
perspective. In addition, in 3 recent pharmacoeconomic reports
on insulin therapies for T2DM, CADTH highlighted the
uncertainty around utility values for hypoglycemia [15-17]. The
committee described the current evidence on the impact of
hypoglycemia on utility as limited and of low quality. In
CADTH’s reanalyses for the 3 CUAs, variation in utility values
for hypoglycemia led to a significant change in the estimates
of quality-adjusted life-years gains. The incremental
cost-effectiveness ratios were very sensitive to any changes in
utility decrements for hypoglycemic events and were therefore
determined to be an important driver of the results [15-17].
Thus, there is a need for HEOR data that are robust enough to
make an informed decision with reasonable uncertainty. The
aim of this real-world prospective study is to assess the impact
of hypoglycemia on productivity and utility in insulin-treated
adults with T2DM from Ontario and Quebec, Canada.

Methods

Research Purpose and Study Design
This noninterventional, multicenter, 3-month prospective study
is designed to collect HEOR inputs for future economic
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modeling. This study will generate descriptive HEOR estimates
that can be incorporated into T2DM models, along with
precision parameters (ie, CIs and SEs) to evaluate uncertainty
in CUAs in sensitivity analyses. Considering the nature of the
disease, a longitudinal design with repeated measures was
deemed appropriate to limit confounding and increase the quality
of evidence.

Study Population
In Canadian clinical practice, patients with T2DM who are on
insulin can be followed up by a family physician or a specialist
[18]. Therefore, patients will be recruited from 4 medical clinics
and 2 endocrinology or diabetes clinics. To increase
generalizability, patients will be recruited from the 2 largest
Canadian provinces, Ontario and Quebec. Patients will be
identified using appointment lists and enrolled through
consecutive sampling during routinely scheduled consultations.
To be eligible, patients must be aged ≥18 years, diagnosed with
T2DM, and treated with insulin. There are no restrictions on
insulin regimens (eg, short-acting, long-acting, or mixed insulin).
Given the lack of reimbursement, the use of insulin pumps is
limited in the treatment of T2DM [19]. Patients must also be
able to understand and read English or French and provide
informed consent. Patients will be excluded if they participate
in a clinical trial. A screening log will be used to document the
participation rates.

Definition of Hypoglycemia
According to the Canadian Diabetes Association and the
American Diabetes Association (ADA), hypoglycemia is defined
as plasma glucose concentrations of ≤3.9 mmol/L (≤70 mg/dL)
[2,20]. To reflect a real-world setting, the definition of
hypoglycemia in this study is not restricted to documented
episodes but includes any hypoglycemic event as judged by the
patient. Symptoms defining hypoglycemia include trembling,
palpitations, sweating, anxiety, hunger, nausea, tingling,
difficulty concentrating, confusion, weakness, drowsiness,
impaired vision, difficulty speaking, headache, and dizziness.
Patients will self-report hypoglycemic episodes recorded by
either symptoms or blood glucose testing alone or a combination
of both. This approach has also been used in several large
real-world studies [18,19,21-24] and better represents real-life
practice where patients do not always test their blood glucose
level for different reasons (eg, forgetting, neglecting, lack of
knowledge, or lack of testing materials). Hypoglycemic events
will be categorized as either severe or nonsevere. An SHE is
defined as an event requiring assistance from another person
(to administer carbohydrates, to administer glucagon, or take
other corrective actions), whereas an NSHE can be managed
by the patient alone, as per the Canadian Diabetes Association
and ADA definitions [2,20].

Along with the severity of hypoglycemic events, the frequency
of events promotes the fear of future hypoglycemia [2,20]. Fear
itself affects patients’ quality of life [2,20]. In addition to the
physical symptoms due to hypoglycemic events, the negative
emotional impact of the fear of hypoglycemia is also a concern.
For modeling purposes, HTA agencies recommend that the
assessment of the impact of hypoglycemia on utility should
consider both the severity and frequency of episodes. They also

recommend not applying a utility decrement separately for the
fear of hypoglycemia. Therefore, this study was designed to
capture the overall impact of hypoglycemia on utility, including
the transient effects of events and the resulting fear.

Measurement of Outcomes

Utility
The EQ-5D-5L questionnaire will be used to measure the utility
values [25,26]. This validated instrument is widely used and
covers five dimensions (mobility, self-care, usual activities,
pain or discomfort, and anxiety or depression) that are further
divided into five levels (no problems, slight problems, moderate
problems, severe problems, and extreme problems). The EQ-5D
(EQ-5D) health states may be converted into a single summary
index through a crosswalk value set. An EQ-5D summary index
of 1 represents complete health, 0 represents death, and negative
values represent states worse than death. The questionnaire also
includes a visual analog scale that records the respondent’s
self-rated health using a vertical scale ranging from 0 to 100
with end points labeled as “the best health you can imagine”
and “the worst health you can imagine.” EQ-5D scores represent
patients’ health status on the day of questionnaire completion.

Productivity Loss
The Institute for Medical Technology Assessment (iMTA) of
Erasmus University Rotterdam recently developed and validated
a questionnaire to estimate productivity losses, referred to as
the iMTA Productivity Cost Questionnaire (iPCQ) [27]. The
iPCQ is a generic questionnaire designed to determine the value
of productivity losses for economic evaluations adopting a
societal perspective. The questionnaire included three modules:
lost productivity at paid work because of absenteeism, lost
productivity at paid work because of presenteeism (reduced
productivity), and lost productivity at unpaid work. A recall
period of 4 weeks is used for presenteeism and unpaid work.
Absenteeism is divided into two categories: short-term absence
(no longer than 4 weeks) and long-term absence (sick leave that
started before the recall period).

Study Procedures

Data Collection
The sociodemographic and clinical characteristics of the patients
will be collected at recruitment. Patients will complete a baseline
questionnaire to report their age, gender, ethnicity, education,
income level, employment status, living status, alcohol
consumption, smoking, and physical activity. As a proxy for
frailty, the self-reported number of visits to a health care
provider over the last 3 months and the number of emergency
visits and hospitalizations over the last 6 months will also be
collected [28]. As a proxy for lifestyle habits, immunization
status (pneumococcal, influenza, and COVID-19) will also be
self-reported. Self-care (disease management activities) will be
assessed using the Diabetes Self-Management Questionnaire,
a validated questionnaire covering behaviors related to glycemic
control (diet, blood glucose monitoring, medication adherence,
physical activity, and contact with health care professionals)
[29]. The type of device used for glucose monitoring will also
be recorded (eg, traditional finger-prick monitor and flash
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glucose monitoring device). It should be noted that continuous
glucose monitoring systems are not reimbursed in T2DM,
thereby limiting their use. To describe the history of
hypoglycemia, patients will also be asked if they have
experienced NSHEs and SHEs over the last 3 months and the
last year, respectively. The duration of diabetes, glycated
hemoglobin (HbA1c), BMI, therapy, duration of insulin, and
vascular complications will be extracted from the patients’
medical records.

Assessments and Study Calendar
Patients will complete a self-assessment questionnaire (SAQ)
at 4, 8, and 12 weeks to report the number of NSHEs and SHEs

experienced in the last 28 days. Patients will also be provided
with a diary to prospectively record hypoglycemic events. Both
the SAQ and the diary will be used to estimate the number of
hypoglycemic events. The EQ-5D and iPCQ will also be
completed at 4, 8, and 12 weeks. The study calendar is shown
in Figure 1. The questionnaires will be completed electronically
via a web-based platform. To ensure that patients complete their
questionnaires in a timely manner, reminders will be sent to
them via email. Paper-based questionnaires can be provided to
participants who do not have access to or are less familiar with
using the internet (phone call reminders).

Figure 1. Study calendar. iPCQ: institute for Medical Technology Assessment Productivity Cost Questionnaire; SAQ: self-assessment questionnaire.

Ethical Considerations
This study will be conducted in accordance with the Declaration
of Helsinki [30]. Approval will be taken from an independent
review board before the initiation of the study, and each patient
will have to provide written informed consent. After receiving
independent review board approval, the protocol will be
registered on ClinicalTrials.gov. All study documents, including
validated versions of questionnaires, will be made available to
participants in English or French, according to their preferences.
The patients will not incur any costs for volunteering to
participate in this study. Patients will receive a compensation
of CAD $20 (US $15.75) for their participation after completion
of each questionnaire.

Statistical Analysis

Presentation of Results
Data will be screened for accuracy, and questionnaires
completed in paper format (if any) will entail double data entry
to minimize transcription errors. Baseline characteristics of all
patients participating in the study will be presented. Categorical
variables will be summarized as frequencies (number and
proportion), and descriptive statistics (mean and SD) will be
provided for continuous variables. Hypoglycemia will be
measured as hypoglycemic events and treated as a continuous
variable, as recommended by HTA agencies for economic
modeling of T2DM [6,7]. If hypoglycemic events are reported
at a higher rate in the patient’s diary than in the SAQ, diary
values will be used to calculate the number of events, and SAQ
values will be used in the sensitivity analysis. For the
EQ-5D-5L, questionnaire scores will be calculated according

to the EuroQoL scoring manual [31] using the Canadian
crosswalk value set [32]. For the iPCQ, productivity losses will
be calculated for each module (absenteeism, presenteeism, and
unpaid work) using the iMTA scoring manual [33] and summed
up to a total number.

Independent Impact of Hypoglycemia
Generalized estimating equation (GEE) models will be used to
investigate productivity losses and utility decrements associated
with incident hypoglycemic events while controlling for
individual patient characteristics. For utility, two separate
models will be presented: one for the EQ-5D index and one for
the visual analogue scale. For productivity losses, one main
analysis will be presented for the total number, and separate
models for each module will be presented as a complementary
analysis. The potential model-confounding covariates are
presented in Table S1 in Multimedia Appendix 1. Independent
variables were identified based on existing literature and
previous work from the Alliance for Canadian Health Outcomes
Research in Diabetes [34]. Diabetes complications (micro- and
macrovascular) to be included in the models are those
preconized by HTA agencies for CUAs in T2DM [4,6,7]. On
the basis of the current reference study for hypoglycemic utility
values [5], the number of hypoglycemic episodes will be
log-transformed to facilitate model fitting. The original scale
will be tested using sensitivity analyses. Moreover,
transformations of continuous independent variables will also
be tested in the sensitivity analyses (Table S1 in Multimedia
Appendix 1). The presence of multicollinearity will be tested,
where important collinearity will be defined as a variance
inflation factor of >10. Owing to the short duration of the study,
all covariates, except hypoglycemia, will be considered time
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invariant for model simplicity. If vascular complications occur
during the study period (incident cases), a history of
macrovascular and microvascular complications will be treated
as a time-varying covariate. The main models will not include
interaction terms, as large-scale studies evaluating the impact
of diabetes complications on utility have not demonstrated any
interaction between vascular events and event history and among
the different vascular events [35-37]. A sensitivity analysis will
be performed to test for the interaction between hypoglycemic
events and determinants, namely, a history of hypoglycemia
and diabetes complications.

Distributions of outcomes will be examined considering the
expected nature of productivity data (right-skewed and excess
zeros) and utility data (left-skewed, censored, and ceiling effect).
Although utility is commonly left-skewed, the distribution of
utility scores may vary greatly between health conditions
depending on the severity. Left skewness is more common when
the studied condition is associated with mild symptoms, whereas
severe health states may even lead to negative values
representing conditions worse than death [38]. One major
advantage of the GEE is the avoidance of distributional
assumptions, where several distributions can be tested. Several
large-scale longitudinal studies evaluating the impact of diabetes
complications on utility, including the landmark United
Kingdom Prospective Diabetes Study, used models fitted under
a linear framework [35-37]. Common alternatives to the
Gaussian distribution with identity link function include the
Gaussian distribution with log link, negative binomial
distribution with log link, gamma distribution with identity link,
and gamma distribution with log link. The gamma distribution
requires nonzero positive continuous data; thus, utility must be
transposed into disutility (1−utility value). A beta binomial
distribution can also be used with a transformation (linear
transformation or rescaling) to fit the restrictive open interval
(0,1), which excludes the end points 0 and 1 [39]. For the use
of health care resources, nonlinear options mostly include
negative binomial distribution (for resource use) and gamma
and inverse-Gaussian distribution with log link function (for
costs). Raw outcome data will be explored, where distributions
will be depicted using histograms and normal probability plots.
The selection of the model will be based on predictive
performance and goodness of fit, with the lowest values for the
root mean square error and the mean absolute error and the

highest values for pseudo-R2. Moreover, the model performance
will also be calculated using the quasi-likelihood under the
independence model criterion (QIC), where the lowest values
are the best. QIC and QICu will be used for correlation structure
selection and variable selection, respectively. As no
distributional assumptions about the response variable are made,
the regression parameters cannot be estimated using the
maximum likelihood method. Thus, quasi-likelihood statistics

will be used (pseudo-R2, QIC, and QICu) instead of the

well-known likelihood statistics (R2, Akaike information
criterion, and Bayesian information criterion) [40]. Different
variance-covariance structures are available to fit the relationship
between responses. In health economics, common choices
include exchangeable correlation structure (observations from
the same cluster are equally correlated), autoregressive

(correlation decreases with time), and unstructured (different
and complex correlations). According to the Good Research
Practices for Retrospective Database Analysis Task Force
recommendations by the International Society for
Pharmacoeconomics and Outcomes Research, if results are
similar with different matrices, an exchangeable matrix will be
used [41]. Regression diagnostics will be performed to explore
the presence of influential observations and outliers (Cook
distance and residual plots). Exclusion of extreme values will
be tested in sensitivity analysis. All results will be expressed as
coefficients, SEs, 95% CIs, and associated P values (2-sided
tests at the .05 significance level). Full regression models and
adjusted effects will be presented. All statistical analyses will
be performed using R (R Foundation for Statistical Computing)
[42].

Sample Size
As per good research practices, the sample sizes for utility
estimates should be based on precision rather than hypothesis
testing [38,43]. Indeed, there is no consensus on the use of
minimally important differences in EQ-5D measures for
statistical power calculations [31,44]. Therefore, the sample
size was determined to ensure reasonable variability around the
utility value for SHEs (which also ensures precision for NSHEs
as the incidence is significantly higher). However, no value for
the expected SD was found in the literature for performing a
reliable precision-based sample size calculation. A literature
review was performed to identify studies that estimated utility
values for hypoglycemia. However, it is often difficult to find
an expected SD for utility values because they are sensitive to
the type of instrument, country, precise definition of outcome,
or timeframe. Furthermore, most studies did not provide
uncertainty values around the estimates. As discussed by
Beaudet et al [4], utility values for hypoglycemia are limited
and CIs are scarce.

Therefore, the required sample size was determined based on
the study by Currie et al [5], which is used as a reference for
hypoglycemic utility values by CADTH and NICE [6,7]. Currie
et al [5] obtained utility estimates from 68 patients who
experienced at least one SHE over a 3-month period. According
to Canadian real-world studies, the 3-month incidence of SHEs
among insulin-treated patients with T2DM was approximately
17% [18,19,45]. With a 3-month incidence rate of 17%, 400
patients will have to be recruited to ensure that 68 patients
experience at least one SHE during the study follow-up. To
account for attrition, the sample size will be increased by 20%
for a target number of 500 enrolled patients. It is assumed that
this sample size will also ensure the precision of the productivity
estimates.

Missing Data
Missing data will be defined according to outcome-specific
guidelines, and a descriptive analysis will be conducted.
According to the EQ-5D guidelines, situations that should be
treated as missing data include not only unit nonresponse (no
completion of questionnaire) but also item nonresponse
(incomplete questionnaire) and ambiguous values (eg, 2 boxes
are ticked for a single dimension). When completing the iPCQ,
some questions can be skipped if they are not applicable (eg,
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when the patient is not employed). If the questions necessary
to score a module are incomplete, the module is defined as
missing.

If ≤5% of the data are missing and there is no significant
difference between completers and noncompleters, missing data
will be assumed to be missing completely at random (MCAR).
Under the MCAR assumption, the available case analysis
performed with a GEE model yields valid estimates [40,46-48].
If >5% of the data are missing, the missing data pattern will be
categorized as monotonic (ie, no return after dropout) or
nonmonotonic (ie, intermittent missing data). Moreover, the
mechanism by which data are missing will be investigated by
examining which baseline covariates and previous measurements
predict the missingness of a given outcome. On the basis of the
results of the regression analysis, a specific variable will be
determined to be a predictor of missingness based on statistical
significance and clinical plausibility [49]. In the presence of
predictors of missingness, data will be considered as not MCAR,
which may bias the GEE estimates. This would lead to the use
of the weighted generalized estimating equation (WGEE), a
recently published extension of the GEE that incorporates an
inverse probability weight matrix [50]. WGEE is a valid
approach for dropout missingness (monotonic missing pattern),
which is the typically observed pattern in longitudinal HEOR
studies [51]. In addition, HEOR outcomes are most commonly
missing as unit nonresponses (no completion of questionnaire)
rather than item nonresponses (incomplete questionnaire)
[49,51]. Therefore, the overall questionnaire scores (eg, EQ-5D
index score) will be used for missing data analysis. If the use
of the WGEE is required, a sensitivity analysis will be conducted
to compare the WGEE results with the GEE estimates for the
available case analysis.

Unmeasured Confounding
The presence of an unknown, unmeasured confounder will be
explored using E values, which is a new standardized approach
for sensitivity analysis [52,53]. For effect estimates, the E value
is the minimum strength of association on the risk ratio scale
that an unmeasured confounder would need to have with both
the exposure and outcome, above and beyond the measured
covariates, to fully explain the observed association of exposure
with the outcome. For the 95% CI limit, the E value denotes
the minimum strength of association on the risk ratio scale that
an unmeasured confounder would need to have with both the
exposure and the outcome, above and beyond the measured
covariates, to shift the CI to include the null value. This
sensitivity analysis will assess the robustness of the associations
to unmeasured confounding.

Results

This study is designed to fill a gap in Canadian evidence on the
impact of hypoglycemia on HEOR outcomes. More specifically,
it will generate productivity and utility inputs for economic
modeling of T2DM. Insulin therapy is expensive, and
hypoglycemia is a significant component of economic
evaluation. Robust HEOR data may help HTA agencies in future
reimbursement decision-making.

Discussion

Strengths and Limitations
Insulin-induced hypoglycemia is a burden to patients with
diabetes, and this study will collect HEOR estimates reflecting
how SHEs and NSHEs negatively affect patients’ productivity
and utility. To our knowledge, this would be the first Canadian
real-world study to attempt to longitudinally measure the impact
of hypoglycemia on utility and productivity loss, including
absenteeism, presenteeism, and unpaid work, in insulin-treated
patients with T2DM. In this study, hypoglycemia will be
categorized into SHEs and NSHEs without further subgrouping
by severity (eg, mild or moderate) or time of occurrence
(daytime or nocturnal). This classification is preconized by HTA
agencies for CUAs in T2DM [6,7]. Subjective measurement of
hypoglycemia may overestimate the number of episodes, which
may underestimate the outcome values by event (conservative
approach). In addition, the recently published guidelines by the
International Hypoglycaemia Study Group recommend that the
hypoglycemia threshold be lowered to <3.0 mmol/L (<54
mg/dL) in clinical trials [54]. This threshold was suggested
because it is sufficiently low to indicate serious, clinically
important hypoglycemia and because this level does not occur
under physiological conditions in individuals who do not have
diabetes. A joint position statement by the ADA and the
European Association for the Study of Diabetes was
subsequently published, which indicated that the glucose level
should be lowered for clinical trials [54]. The use of the official
definition of hypoglycemia (≤3.9 mmol/L) instead of a lower
threshold might lead to overreporting of nonclinically serious
events. Nevertheless, this approach is also conservative as it
underestimates the outcome values by event. Defining
hypoglycemia based on symptoms or blood glucose
measurements is considered a reliable method that best reflects
real-world practice [18,19]. The frequency of assessments (recall
period) was based on previous Canadian studies [18,19]. The
use of diary records (if higher than the number reported in the
questionnaire) can compensate for potential recall bias and is a
conservative approach as it would decrease the outcome values
by event. Considering that longitudinal studies usually have a
minimum of 3 measurements and that the frequency of
assessments is 4 weeks, the duration of the study is therefore 3
months.

The outcomes will be measured using validated questionnaires.
Although several instruments are available to estimate
productivity losses, there is no gold standard [55]. In addition,
HTA agencies make different recommendations regarding types
of productivity losses (absenteeism, presenteeism, and unpaid
work) to include in economic evaluations and methods for
valuation or monetization (human capital approach and friction
approach) [33]. Therefore, productivity losses will be presented
as total and type-specific raw scores (number of hours per day)
and will not be transposed into monetary value. This approach
provides flexibility and allows future economic evaluations to
be fit for specific purposes. The iPCQ scoring manual presents
different valuation methods depending on various scenarios (eg,
presence of long-term absences and frequency of measurements)
and is fully adaptable to different HTA requirements [33]. It is
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recommended that the choice of a work productivity instrument
for economic evaluations should be based on purpose,
perspective, practicality, population, and psychometrics (5 Ps)
[55]. The iPCQ meets the 5 Ps criteria as it is a validated generic
instrument that allows monetization, captures all types of
productivity losses, and minimizes the burden to patients (has
short completion time and is easy to understand). Owing to its
recent development, the use of the iPCQ is less extended than
older questionnaires, which comes with the advantage that
questions are optimized based on 3 previously validated
instruments [33]. Moreover, this promising instrument has a
recall period of 4 weeks, which matches measurements of
hypoglycemia while limiting recall bias. Although there is no
gold standard, the Work Productivity and Activity Impairment
Questionnaire is the most widely used instrument to assess
productivity losses [56]. Similar to the iPCQ, the Work
Productivity and Activity Impairment Questionnaire covers
absenteeism, presenteeism, and unpaid work, but over a shorter
period. As the recall period is only 7 days, it may not capture
all productivity losses due to hypoglycemia if events occur
outside of the recall period. Regarding utility, the use of generic
preference-based instruments is recommended, among which
the EQ-5D is the most extensively used [57]. The EQ-5D asks
patients how they feel on that day without any recall period.
Therefore, for complications associated with transient effects
only (eg, diarrhea), utility should be measured simultaneously
(ie, on the same day). When acute events are followed by
persistent fear and anxiety (eg, stroke), different measurement
timings can be used. If the utility is measured shortly after the
event, the punctual effect of the complication will be captured.
If utility is not measured concurrently, then a general effect will
be captured. For economic modeling of T2DM, utility values
recommended by HTA agencies were all sourced from studies
designed to capture the general impact of diabetic complications,
including hypoglycemia [6,7]. In a reference study by Currie
et al [5], the EQ-5D captured decrements in utility due to
hypoglycemic events that occurred over the last 3 months.
Furthermore, in several randomized controlled trials, the impact
of SHEs on utility was measured for up to 1 year after the event
[36,58,59]. A limitation of this approach is the underestimation
of acute physical effects related to the event. Indeed, the current
design may capture the psychological effects of hypoglycemia
more accurately. Nevertheless, this study will estimate the
overall impact of this treatment-related adverse effect on utility,
providing relevant inputs for T2DM economic modeling.

Confounding is a concern in observational research [28]. Before
implementing this study, independent variables were thoroughly
identified, and each known variable will be measured to limit
confounding. To reflect real-world practice, independent
variables that will be extracted from patients’ medical files will
represent the last available value, which may not reflect the
current unknown value. Moreover, some independent variables
will be self-reported, potentially leading to residual confounding.
Nevertheless, there are no unmeasured known confounders, and
the potential impact of an unmeasured unknown confounder
will be tested using E values [52,53]. There is evidence that a
cross-sectional design may overestimate the impact of T2DM
complications on utility because of the underlying heterogeneity

across patients [37]. Therefore, a longitudinal design with
time-varying exposure will help protect against time-invariant
confounding (natural heterogeneity) [40,46-48]. A GEE model
will be used to account for the correlation associated with
repeated measures from the same individual. Although mixed
models provide a flexible framework compared with the GEE
model, they require a large sample size and may be
computationally demanding. Therefore, the simpler GEE method
will be used to deal with this noncomplex data set (no large-scale
data analysis, single level of clustering, and absence of
nonstochastic time-varying covariates, eg, time from baseline).
In addition, it is acknowledged that a GEE model is comparable
with a random intercept model for continuous outcomes. A
drawback of the GEE model is the assumption that the data are
MCAR [40,46-48]. Therefore, if the data are not MCAR, the
WGEE will be used to ensure the robustness of the estimates
[50]. Furthermore, reminders and incentives should help to
minimize the rate of missing data.

Patients will be recruited from several regions throughout
Quebec and Ontario, Canada, to increase the external validity
of the results. However, recruitment sites will be limited to
urban areas and may not be representative of rural areas. The
real-world design and broad eligibility criteria will ensure that
the HEOR estimates are generalizable to a target population for
future reimbursement purposes. It is assumed that recruitment
through clinical sites only will not affect the representativeness
of the sample as patients with diabetes have regular follow-ups
with their health care providers, thereby capturing most eligible
patients and not only patients in worse condition. Furthermore,
enrolling patients from both medical and diabetes clinics will
be representative of the target population. Although probability
sampling is the gold standard for ensuring sample
representativeness, it is often not feasible in Canada because
many jurisdictions lack electronic patient databases, particularly
family practice. Yet, systematic participant recruitment as
consecutive sampling using appointment lists also helps
minimize selection bias (including oversampling). Participation
rates will be recorded to document the risk of selection bias. It
should be noted that the COVID-19 pandemic may affect patient
productivity and utility. However, given the use of the GEE
model to estimate the independent impact of hypoglycemia on
the HEOR estimates, the results are expected to be valid and
generalizable.

Conclusions
Robust evidence on the productivity and utility of
insulin-induced hypoglycemia is lacking in Canada. Currently,
available data on productivity loss have not been estimated
using a validated questionnaire, thereby increasing the risk of
bias [3,8,9]. A systematic review published in 2021 identified
42 unique instruments for measuring productivity, and the
authors recommended the iPCQ for use in economic evaluations
[60]. As for the current evidence on utility decrement due to
hypoglycemia, Canadian data are limited to vignette studies (ie,
bespoke descriptions of impaired health states), which are not
the preferred source of utility owing to their inherent drawbacks
[10-12]. This study will generate high-quality HEOR estimates
for future economic modeling of T2DM.

JMIR Res Protoc 2022 | vol. 11 | iss. 3 | e35461 | p. 7https://www.researchprotocols.org/2022/3/e35461
(page number not for citation purposes)

Lambert-Obry et alJMIR RESEARCH PROTOCOLS

XSL•FO
RenderX

http://www.w3.org/Style/XSL
http://www.renderx.com/


Conflicts of Interest
None declared.

Multimedia Appendix 1
Potential independent variables for the generalized estimating equations models.
[DOCX File , 18 KB-Multimedia Appendix 1]

References

1. Diabetes Canada Clinical Practice Guidelines Expert Committee, Lipscombe L, Butalia S, Dasgupta K, Eurich DT,
MacCallum L, et al. Pharmacologic glycemic management of type 2 diabetes in adults: 2020 update. Can J Diabetes 2020
Oct;44(7):575-591. [doi: 10.1016/j.jcjd.2020.08.001] [Medline: 32972640]

2. Diabetes Canada Clinical Practice Guidelines Expert Committee, Yale JF, Paty B, Senior PA. Hypoglycemia. Can J Diabetes
2018 Apr;42 Suppl 1:104-108. [doi: 10.1016/j.jcjd.2017.10.010] [Medline: 29650081]

3. O'Reilly DJ, Burke N, Tarride J, Hahn J, Nurkanovic L. Direct health-care costs and productivity costs associated with
hypoglycemia in adults with type 1 and type 2 diabetes mellitus that participated in the Canadian hypoglycemia assessment
tool program. Can J Diabetes 2018 Dec;42(6):659-663. [doi: 10.1016/j.jcjd.2018.01.010] [Medline: 29885881]

4. Beaudet A, Clegg J, Thuresson P, Lloyd A, McEwan P. Review of utility values for economic modeling in type 2 diabetes.
Value Health 2014 Jun;17(4):462-470 [FREE Full text] [doi: 10.1016/j.jval.2014.03.003] [Medline: 24969008]

5. Currie CJ, Morgan CL, Poole CD, Sharplin P, Lammert M, McEwan P. Multivariate models of health-related utility and
the fear of hypoglycaemia in people with diabetes. Curr Med Res Opin 2006 Jun 28;22(8):1523-1534. [doi:
10.1185/030079906x115757]

6. New drugs for type 2 diabetes: second-line therapy science report. Canadian Agency for Drugs and Technologies in Health
(CADTH). 2017. URL: https://www.cadth.ca/dv/new-drugs-type-2-diabetes-second-line-therapy-recommendations-report
[accessed 2021-09-14]

7. Type 2 diabetes in adults: management. Appendix F: Full Health Economics Report. National Institute for Health and Care
Excellence (NICE). 2015. URL: https://www.nice.org.uk/guidance/ng28 [accessed 2021-09-14]

8. Leiter LA, Yale JF, Chiasson JL, Harris S, Kleinstiver P, Sauriol L. Assessment of the impact of fear of hypoglycemic
episodes on glycemic and hypoglycemia management. Can J Diabetes 2005;29:186-192 [FREE Full text]

9. Brod M, Wolden M, Groleau D, Bushnell DM. Understanding the economic, daily functioning, and diabetes management
burden of non-severe nocturnal hypoglycemic events in Canada: differences between type 1 and type 2. J Med Econ 2014
Jan 12;17(1):11-20 [FREE Full text] [doi: 10.3111/13696998.2013.857676] [Medline: 24199622]

10. Levy AR, Christensen TL, Johnson JA. Utility values for symptomatic non-severe hypoglycaemia elicited from persons
with and without diabetes in Canada and the United Kingdom. Health Qual Life Outcomes 2008 Sep 29;6(1):73 [FREE
Full text] [doi: 10.1186/1477-7525-6-73] [Medline: 18823555]

11. Evans M, Khunti K, Mamdani M, Galbo-Jørgensen C, Gundgaard J, Bøgelund M, et al. Health-related quality of life
associated with daytime and nocturnal hypoglycaemic events: a time trade-off survey in five countries. Health Qual Life
Outcomes 2013 Jun 03;11(1):90 [FREE Full text] [doi: 10.1186/1477-7525-11-90] [Medline: 23731777]

12. Harris S, Mamdani M, Galbo-Jørgensen CB, Bøgelund M, Gundgaard J, Groleau D. The effect of hypoglycemia on
health-related quality of life: Canadian results from a multinational time trade-off survey. Can J Diabetes 2014
Feb;38(1):45-52 [FREE Full text] [doi: 10.1016/j.jcjd.2013.09.001] [Medline: 24485213]

13. Al Sayah F, Yeung RO, Johnson JA. Association of depressive symptoms and diabetes distress with severe hypoglycemia
in adults with type 2 diabetes. Can J Diabetes 2019 Jul;43(5):316-321. [doi: 10.1016/j.jcjd.2018.11.002] [Medline: 30578165]

14. Basu S, Yudkin JS, Kehlenbrink S, Davies JI, Wild SH, Lipska KJ, et al. Estimation of global insulin use for type 2 diabetes,
2018–30: a microsimulation analysis. Lancet Diabetes Endocrinol 2019 Jan;7(1):25-33. [doi: 10.1016/s2213-8587(18)30303-6]

15. Pharmacoeconomic review report - Insulin degludec and liraglutide injection (Xultophy). Canadian Agency for Drugs and
Technologies in Health (CADTH). 2019. URL: https://www.cadth.ca/sites/default/files/cdr/pharmacoeconomic/
sr0599-xultophy-pharmacoeconomic-review-report.pdf [accessed 2021-09-14]

16. Pharmacoeconomic review report - Insulin glargine + lixisenatide (Soliqua). Canadian Agency for Drugs and Technologies
in Health (CADTH). 2019. URL: https://www.cadth.ca/sites/default/files/cdr/pharmacoeconomic/
sr0564-soliqua-pharmacoeconomic-report.pdf [accessed 2021-09-14]

17. Pharmacoeconomic review report - Insulin degludec (Tresiba). Canadian Agency for Drugs and Technologies in Health
(CADTH). 2017. URL: https://www.cadth.ca/sites/default/files/cdr/pharmacoeconomic/SR0521_Tresiba_PE_Report.pdf
[accessed 2021-09-14]

18. Ratzki-Leewing A, Harris SB, Mequanint S, Reichert SM, Belle Brown J, Black JE, et al. Real-world crude incidence of
hypoglycemia in adults with diabetes: results of the InHypo-DM Study, Canada. BMJ Open Diabetes Res Care 2018 Apr
24;6(1):e000503 [FREE Full text] [doi: 10.1136/bmjdrc-2017-000503] [Medline: 29713480]

JMIR Res Protoc 2022 | vol. 11 | iss. 3 | e35461 | p. 8https://www.researchprotocols.org/2022/3/e35461
(page number not for citation purposes)

Lambert-Obry et alJMIR RESEARCH PROTOCOLS

XSL•FO
RenderX

https://jmir.org/api/download?alt_name=resprot_v11i3e35461_app1.docx&filename=823083fa774692d70194d3c99dc46cff.docx
https://jmir.org/api/download?alt_name=resprot_v11i3e35461_app1.docx&filename=823083fa774692d70194d3c99dc46cff.docx
http://dx.doi.org/10.1016/j.jcjd.2020.08.001
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32972640&dopt=Abstract
http://dx.doi.org/10.1016/j.jcjd.2017.10.010
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29650081&dopt=Abstract
http://dx.doi.org/10.1016/j.jcjd.2018.01.010
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29885881&dopt=Abstract
https://linkinghub.elsevier.com/retrieve/pii/S1098-3015(14)00054-0
http://dx.doi.org/10.1016/j.jval.2014.03.003
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24969008&dopt=Abstract
http://dx.doi.org/10.1185/030079906x115757
https://www.cadth.ca/dv/new-drugs-type-2-diabetes-second-line-therapy-recommendations-report
https://www.nice.org.uk/guidance/ng28
https://www.researchgate.net/publication/313224011_Assessment_of_the_impact_of_fear_of_hypoglycemic_episodes_on_glycemic_and_hypoglycemic_management
https://www.tandfonline.com/doi/full/10.3111/13696998.2013.857676
http://dx.doi.org/10.3111/13696998.2013.857676
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24199622&dopt=Abstract
https://hqlo.biomedcentral.com/articles/10.1186/1477-7525-6-73
https://hqlo.biomedcentral.com/articles/10.1186/1477-7525-6-73
http://dx.doi.org/10.1186/1477-7525-6-73
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18823555&dopt=Abstract
https://hqlo.biomedcentral.com/articles/10.1186/1477-7525-11-90
http://dx.doi.org/10.1186/1477-7525-11-90
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23731777&dopt=Abstract
https://linkinghub.elsevier.com/retrieve/pii/S1499-2671(13)01254-9
http://dx.doi.org/10.1016/j.jcjd.2013.09.001
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24485213&dopt=Abstract
http://dx.doi.org/10.1016/j.jcjd.2018.11.002
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30578165&dopt=Abstract
http://dx.doi.org/10.1016/s2213-8587(18)30303-6
https://www.cadth.ca/sites/default/files/cdr/pharmacoeconomic/sr0599-xultophy-pharmacoeconomic-review-report.pdf
https://www.cadth.ca/sites/default/files/cdr/pharmacoeconomic/sr0599-xultophy-pharmacoeconomic-review-report.pdf
https://www.cadth.ca/sites/default/files/cdr/pharmacoeconomic/sr0564-soliqua-pharmacoeconomic-report.pdf
https://www.cadth.ca/sites/default/files/cdr/pharmacoeconomic/sr0564-soliqua-pharmacoeconomic-report.pdf
https://www.cadth.ca/sites/default/files/cdr/pharmacoeconomic/SR0521_Tresiba_PE_Report.pdf
https://drc.bmj.com/lookup/pmidlookup?view=long&pmid=29713480
http://dx.doi.org/10.1136/bmjdrc-2017-000503
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29713480&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/


19. Aronson R, Goldenberg R, Boras D, Skovgaard R, Bajaj H. The Canadian Hypoglycemia Assessment Tool Program:
insights into rates and implications of hypoglycemia from an observational study. Can J Diabetes 2018 Feb;42(1):11-17
[FREE Full text] [doi: 10.1016/j.jcjd.2017.01.007] [Medline: 28528246]

20. Seaquist ER, Anderson J, Childs B, Cryer P, Dagogo-Jack S, Fish L, et al. Hypoglycemia and diabetes: a report of a
workgroup of the American Diabetes Association and the Endocrine Society. Diabetes Care 2013 May 15;36(5):1384-1395
[FREE Full text] [doi: 10.2337/dc12-2480] [Medline: 23589542]

21. Bradley C, Eschwège E, de Pablos-Velasco P, Parhofer KG, Simon D, Vandenberghe H, et al. Predictors of quality of life
and other patient-reported outcomes in the PANORAMA multinational study of people with type 2 diabetes. Diabetes Care
2018 Feb 28;41(2):267-276. [doi: 10.2337/dc16-2655] [Medline: 29183910]

22. Davis TM, Bruce DG, Curtis BH, Barraclough H, Davis WA. The relationship between intensification of blood
glucose-lowering therapies, health status and quality of life in type 2 diabetes: The Fremantle Diabetes Study Phase II.
Diabetes Res Clin Pract 2018 Aug;142:294-302. [doi: 10.1016/j.diabres.2018.05.047] [Medline: 29879496]

23. Brod M, Rana A, Barnett AH. Impact of self-treated hypoglycaemia in type 2 diabetes: a multinational survey in patients
and physicians. Curr Med Res Opin 2012 Dec 14;28(12):1947-1958. [doi: 10.1185/03007995.2012.743457] [Medline:
23150950]

24. Östenson CG, Geelhoed-Duijvestijn P, Lahtela J, Weitgasser R, Jensen MM, Pedersen-Bjergaard U. Self-reported non-severe
hypoglycaemic events in Europe. Diabet Med 2014 Jan 26;31(1):92-101 [FREE Full text] [doi: 10.1111/dme.12261]
[Medline: 23796113]

25. EuroQol Group. EuroQol - a new facility for the measurement of health-related quality of life. Health Policy 1990
Dec;16(3):199-208. [doi: 10.1016/0168-8510(90)90421-9]

26. Janssen MF, Pickard AS, Golicki D, Gudex C, Niewada M, Scalone L, et al. Measurement properties of the EQ-5D-5L
compared to the EQ-5D-3L across eight patient groups: a multi-country study. Qual Life Res 2013 Sep 25;22(7):1717-1727
[FREE Full text] [doi: 10.1007/s11136-012-0322-4] [Medline: 23184421]

27. Bouwmans C, Krol M, Severens H, Koopmanschap M, Brouwer W, Hakkaart-van RL. The iMTA productivity cost
questionnaire: a standardized instrument for measuring and valuing health-related productivity losses. Value Health 2015
Sep;18(6):753-758 [FREE Full text] [doi: 10.1016/j.jval.2015.05.009] [Medline: 26409601]

28. Antihyperglycemic therapy and cardiovascular risk: design and emulation of a target trial using healthcare databases.
Patient-Centered Outcomes Research Institute (2019). URL: https://www.pcori.com/sites/default/files/
PCORI-Antihyperglyemic-Therapy-Cardiovascular-Risk-White-Paper-for-T2DM-RFI-052419.pdf [accessed 2021-09-14]

29. Schmitt A, Reimer A, Hermanns N, Huber J, Ehrmann D, Schall S, et al. Assessing diabetes self-management with the
diabetes self-management questionnaire (DSMQ) can help analyse behavioural problems related to reduced glycaemic
control. PLoS One 2016 Mar 3;11(3):e0150774 [FREE Full text] [doi: 10.1371/journal.pone.0150774] [Medline: 26938980]

30. World Medical Association. World Medical Association Declaration of Helsinki: ethical principles for medical research
involving human subjects. J Am Med Assoc 2013 Nov 27;310(20):2191-2194. [doi: 10.1001/jama.2013.281053] [Medline:
24141714]

31. Devlin N, Parkin D, Janssen B. Methods for Analysing and Reporting EQ-5D Data. Switzerland: Springer; 2020.
32. Xie F, Pullenayegum E, Gaebel K, Bansback N, Bryan S, Ohinmaa A, Canadian EQ-5D-5L Valuation Study Group. A

time trade-off-derived value set of the EQ-5D-5L for Canada. Med Care 2016 Jan;54(1):98-105 [FREE Full text] [doi:
10.1097/MLR.0000000000000447] [Medline: 26492214]

33. Productivity costs questionnaire manual. Institute for Medical Technology Assessment (iMTA), Erasmus University
Rotterdam. 2020. URL: https://www.imta.nl/questionnaires/ [accessed 2021-09-14]

34. Al Sayah F, Majumdar SR, Soprovich A, Wozniak L, Johnson ST, Qiu W, et al. The Alberta's Caring for Diabetes (ABCD)
Study: rationale, design and baseline characteristics of a prospective cohort of adults with type 2 diabetes. Can J Diabetes
2015 Oct;39 Suppl 3:113-119. [doi: 10.1016/j.jcjd.2015.05.005] [Medline: 26243463]

35. Hayes A, Arima H, Woodward M, Chalmers J, Poulter N, Hamet P, et al. Changes in quality of life associated with
complications of diabetes: results from the ADVANCE study. Value Health 2016 Jan;19(1):36-41 [FREE Full text] [doi:
10.1016/j.jval.2015.10.010] [Medline: 26797234]

36. Shao H, Yang S, Fonseca V, Stoecker C, Shi L. Estimating quality of life decrements due to diabetes complications in the
United States: the health utility index (HUI) diabetes complication equation. Pharmacoeconomics 2019 Jul 19;37(7):921-929
[FREE Full text] [doi: 10.1007/s40273-019-00775-8] [Medline: 30778865]

37. Alva M, Gray A, Mihaylova B, Clarke P. The effect of diabetes complications on health-related quality of life: the importance
of longitudinal data to address patient heterogeneity. Health Econ 2014 Apr 11;23(4):487-500 [FREE Full text] [doi:
10.1002/hec.2930] [Medline: 23847044]

38. Wolowacz SE, Briggs A, Belozeroff V, Clarke P, Doward L, Goeree R, et al. Estimating health-state utility for economic
models in clinical studies: an ISPOR good research practices task force report. Value Health 2016 Sep;19(6):704-719
[FREE Full text] [doi: 10.1016/j.jval.2016.06.001] [Medline: 27712695]

39. Hunger M, Döring A, Holle R. Longitudinal beta regression models for analyzing health-related quality of life scores over
time. BMC Med Res Methodol 2012 Sep 17;12(1):144. [doi: 10.1186/1471-2288-12-144]

JMIR Res Protoc 2022 | vol. 11 | iss. 3 | e35461 | p. 9https://www.researchprotocols.org/2022/3/e35461
(page number not for citation purposes)

Lambert-Obry et alJMIR RESEARCH PROTOCOLS

XSL•FO
RenderX

https://linkinghub.elsevier.com/retrieve/pii/S1499-2671(16)30781-X
http://dx.doi.org/10.1016/j.jcjd.2017.01.007
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28528246&dopt=Abstract
http://europepmc.org/abstract/MED/23589542
http://dx.doi.org/10.2337/dc12-2480
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23589542&dopt=Abstract
http://dx.doi.org/10.2337/dc16-2655
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29183910&dopt=Abstract
http://dx.doi.org/10.1016/j.diabres.2018.05.047
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29879496&dopt=Abstract
http://dx.doi.org/10.1185/03007995.2012.743457
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23150950&dopt=Abstract
https://doi.org/10.1111/dme.12261
http://dx.doi.org/10.1111/dme.12261
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23796113&dopt=Abstract
http://dx.doi.org/10.1016/0168-8510(90)90421-9
http://europepmc.org/abstract/MED/23184421
http://dx.doi.org/10.1007/s11136-012-0322-4
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23184421&dopt=Abstract
https://linkinghub.elsevier.com/retrieve/pii/S1098-3015(15)01986-5
http://dx.doi.org/10.1016/j.jval.2015.05.009
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26409601&dopt=Abstract
https://www.pcori.com/sites/default/files/PCORI-Antihyperglyemic-Therapy-Cardiovascular-Risk-White-Paper-for-T2DM-RFI-052419.pdf
https://www.pcori.com/sites/default/files/PCORI-Antihyperglyemic-Therapy-Cardiovascular-Risk-White-Paper-for-T2DM-RFI-052419.pdf
https://dx.plos.org/10.1371/journal.pone.0150774
http://dx.doi.org/10.1371/journal.pone.0150774
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26938980&dopt=Abstract
http://dx.doi.org/10.1001/jama.2013.281053
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24141714&dopt=Abstract
http://europepmc.org/abstract/MED/26492214
http://dx.doi.org/10.1097/MLR.0000000000000447
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26492214&dopt=Abstract
https://www.imta.nl/questionnaires/
http://dx.doi.org/10.1016/j.jcjd.2015.05.005
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26243463&dopt=Abstract
https://linkinghub.elsevier.com/retrieve/pii/S1098-3015(15)05083-4
http://dx.doi.org/10.1016/j.jval.2015.10.010
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26797234&dopt=Abstract
http://europepmc.org/abstract/MED/30778865
http://dx.doi.org/10.1007/s40273-019-00775-8
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30778865&dopt=Abstract
https://doi.org/10.1002/hec.2930
http://dx.doi.org/10.1002/hec.2930
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23847044&dopt=Abstract
https://linkinghub.elsevier.com/retrieve/pii/S1098-3015(16)30526-5
http://dx.doi.org/10.1016/j.jval.2016.06.001
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27712695&dopt=Abstract
http://dx.doi.org/10.1186/1471-2288-12-144
http://www.w3.org/Style/XSL
http://www.renderx.com/


40. Fitzmaurice GM, Laird NM, Ware JH. Applied Longitudinal Analysis. Hoboken, New Jersey, United States: John Wiley
& Sons, Inc; 2011.

41. Johnson ML, Crown W, Martin BC, Dormuth CR, Siebert U. Good research practices for comparative effectiveness research:
analytic methods to improve causal inference from nonrandomized studies of treatment effects using secondary data sources:
the ISPOR Good Research Practices for Retrospective Database Analysis Task Force Report--Part III. Value Health 2009
Nov;12(8):1062-1073 [FREE Full text] [doi: 10.1111/j.1524-4733.2009.00602.x] [Medline: 19793071]

42. R: a language and environment for statistical computing. R Foundation for Statistical Computing, Vienna, Austria. URL:
https://www.R-project.org [accessed 2021-09-14]

43. Ara R, Brazier J, Young T. Recommended methods for the collection of health state utility value evidence in clinical studies.
Pharmacoeconomics 2017 Dec 19;35(Suppl 1):67-75. [doi: 10.1007/s40273-017-0549-6] [Medline: 29052159]

44. Minimal clinically important difference in EQ-5D: we can calculate it? But does that mean we should? International Society
for Pharmacoeconomics and Outcomes Research (ISPOR) and Avalon Health Economics. 2017. URL: https://www.ispor.org/
docs/default-source/presentations/1066.pdf?sfvrsn=25feffd6_1 [accessed 2021-09-14]

45. Khunti K, Alsifri S, Aronson R, Berković MC, Enters-Weijnen C, Forsén T, et al. Rates and predictors of hypoglycaemia
in 27 585 people from 24 countries with insulin-treated type 1 and type 2 diabetes: the global HAT study. Diabetes Obes
Metab 2016 Sep 20;18(9):907-915 [FREE Full text] [doi: 10.1111/dom.12689] [Medline: 27161418]

46. Griffiths A, Paracha N, Davies A, Branscombe N, Cowie MR, Sculpher M. Analyzing health-related quality of life data to
estimate parameters for cost-effectiveness models: an example using longitudinal EQ-5D data from the SHIFT randomized
controlled trial. Adv Ther 2017 Mar 15;34(3):753-764 [FREE Full text] [doi: 10.1007/s12325-016-0471-x] [Medline:
28205056]

47. Gardiner JC, Luo Z, Roman LA. Fixed effects, random effects and GEE: what are the differences? Stat Med 2009 Jan
30;28(2):221-239. [doi: 10.1002/sim.3478] [Medline: 19012297]

48. Hubbard AE, Ahern J, Fleischer NL, Van der Laan M, Lippman SA, Jewell N, et al. To GEE or not to GEE: comparing
population average and mixed models for estimating the associations between neighborhood risk factors and health.
Epidemiology 2010 Jul;21(4):467-474. [doi: 10.1097/EDE.0b013e3181caeb90] [Medline: 20220526]

49. Faria R, Gomes M, Epstein D, White IR. A guide to handling missing data in cost-effectiveness analysis conducted within
randomised controlled trials. Pharmacoeconomics 2014 Dec 29;32(12):1157-1170 [FREE Full text] [doi:
10.1007/s40273-014-0193-3] [Medline: 25069632]

50. Xu C, Li Z, Xue Y, Zhang L, Wang M. An R package for model fitting, model selection and the simulation for longitudinal
data with dropout missingness. Commun Stat Simul Comput 2019 Oct 16;48(9):2812-2829 [FREE Full text] [doi:
10.1080/03610918.2018.1468457] [Medline: 32346220]

51. Simons CL, Rivero-Arias O, Yu L, Simon J. Multiple imputation to deal with missing EQ-5D-3L data: should we impute
individual domains or the actual index? Qual Life Res 2015 Apr 4;24(4):805-815. [doi: 10.1007/s11136-014-0837-y]
[Medline: 25471286]

52. Haneuse S, VanderWeele TJ, Arterburn D. Using the e-value to assess the potential effect of unmeasured confounding in
observational studies. J Am Med Assoc 2019 Mar 12;321(6):602-603. [doi: 10.1001/jama.2018.21554] [Medline: 30676631]

53. VanderWeele TJ, Ding P. Sensitivity analysis in observational research: introducing the e-value. Ann Intern Med 2017
Aug 15;167(4):268-274. [doi: 10.7326/M16-2607] [Medline: 28693043]

54. International Hypoglycaemia Study Group. Glucose concentrations of less than 3.0 mmol/l (54 mg/dl) should be reported
in clinical trials: a joint position statement of the American Diabetes Association and the European Association for the
study of diabetes. Diabetes Care 2017 Jan 21;40(1):155-157. [doi: 10.2337/dc16-2215] [Medline: 27872155]

55. Tang K. Estimating productivity costs in health economic evaluations: a review of instruments and psychometric evidence.
Pharmacoeconomics 2015 Jan 29;33(1):31-48. [doi: 10.1007/s40273-014-0209-z] [Medline: 25169062]

56. Work productivity and activity impairment questionnaire. Reilly Associates. URL: http://www.reillyassociates.net/
WPAI_General.html [accessed 2021-09-14]

57. Brazier J, Ara R, Rowen D, Chevrou-Severac H. A review of generic preference-based measures for use in cost-effectiveness
models. Pharmacoeconomics 2017 Dec 19;35(Suppl 1):21-31. [doi: 10.1007/s40273-017-0545-x] [Medline: 29052157]

58. Nauck MA, Buse JB, Mann JF, Pocock S, Bosch-Traberg H, Frimer-Larsen H, LEADER Publication Committee for the
LEADER Trial Investigators. Health-related quality of life in people with type 2 diabetes participating in the LEADER
trial. Diabetes Obes Metab 2019 Mar 25;21(3):525-532 [FREE Full text] [doi: 10.1111/dom.13547] [Medline: 30260088]

59. Briggs AH, Bhatt DL, Scirica BM, Raz I, Johnston KM, Szabo SM, et al. Health-related quality-of-life implications of
cardiovascular events in individuals with type 2 diabetes mellitus: a subanalysis from the Saxagliptin Assessment of Vascular
Outcomes Recorded in Patients with Diabetes Mellitus (SAVOR)-TIMI 53 trial. Diabetes Res Clin Pract 2017 Aug;130:24-33
[FREE Full text] [doi: 10.1016/j.diabres.2016.12.019] [Medline: 28554140]

60. Hubens K, Krol M, Coast J, Drummond MF, Brouwer WB, Uyl-de Groot CA, et al. Measurement instruments of productivity
loss of paid and unpaid work: a systematic review and assessment of suitability for health economic evaluations from a
societal perspective. Value Health 2021 Nov;24(11):1686-1699 [FREE Full text] [doi: 10.1016/j.jval.2021.05.002] [Medline:
34711370]

JMIR Res Protoc 2022 | vol. 11 | iss. 3 | e35461 | p. 10https://www.researchprotocols.org/2022/3/e35461
(page number not for citation purposes)

Lambert-Obry et alJMIR RESEARCH PROTOCOLS

XSL•FO
RenderX

https://linkinghub.elsevier.com/retrieve/pii/S1098-3015(10)60310-5
http://dx.doi.org/10.1111/j.1524-4733.2009.00602.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19793071&dopt=Abstract
https://www.R-project.org
http://dx.doi.org/10.1007/s40273-017-0549-6
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29052159&dopt=Abstract
https://www.ispor.org/docs/default-source/presentations/1066.pdf?sfvrsn=25feffd6_1
https://www.ispor.org/docs/default-source/presentations/1066.pdf?sfvrsn=25feffd6_1
http://europepmc.org/abstract/MED/27161418
http://dx.doi.org/10.1111/dom.12689
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27161418&dopt=Abstract
http://europepmc.org/abstract/MED/28205056
http://dx.doi.org/10.1007/s12325-016-0471-x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28205056&dopt=Abstract
http://dx.doi.org/10.1002/sim.3478
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19012297&dopt=Abstract
http://dx.doi.org/10.1097/EDE.0b013e3181caeb90
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20220526&dopt=Abstract
http://europepmc.org/abstract/MED/25069632
http://dx.doi.org/10.1007/s40273-014-0193-3
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25069632&dopt=Abstract
http://europepmc.org/abstract/MED/32346220
http://dx.doi.org/10.1080/03610918.2018.1468457
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32346220&dopt=Abstract
http://dx.doi.org/10.1007/s11136-014-0837-y
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25471286&dopt=Abstract
http://dx.doi.org/10.1001/jama.2018.21554
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30676631&dopt=Abstract
http://dx.doi.org/10.7326/M16-2607
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28693043&dopt=Abstract
http://dx.doi.org/10.2337/dc16-2215
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27872155&dopt=Abstract
http://dx.doi.org/10.1007/s40273-014-0209-z
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25169062&dopt=Abstract
http://www.reillyassociates.net/WPAI_General.html
http://www.reillyassociates.net/WPAI_General.html
http://dx.doi.org/10.1007/s40273-017-0545-x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29052157&dopt=Abstract
http://europepmc.org/abstract/MED/30260088
http://dx.doi.org/10.1111/dom.13547
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30260088&dopt=Abstract
https://linkinghub.elsevier.com/retrieve/pii/S0168-8227(17)30067-0
http://dx.doi.org/10.1016/j.diabres.2016.12.019
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28554140&dopt=Abstract
https://linkinghub.elsevier.com/retrieve/pii/S1098-3015(21)01543-6
http://dx.doi.org/10.1016/j.jval.2021.05.002
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34711370&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/


Abbreviations
ADA: American Diabetes Association
CADTH: Canadian Agency for Drugs and Technologies in Health
CUA: cost-utility analysis
GEE: generalized estimating equation
HAT: hypoglycemia assessment tool
HEOR: health economics and outcomes research
HTA: health technology assessment
iMTA: institute for Medical Technology Assessment
iPCQ: institute for Medical Technology Assessment Productivity Cost Questionnaire
MCAR: missing completely at random
NICE: National Institute for Health and Care Excellence
NSHE: nonsevere hypoglycemic event
QIC: quasi-likelihood under the independence model criterion
SAQ: self-assessment questionnaire
SHE: severe hypoglycemic event
T2DM: type 2 diabetes mellitus
TTO: time trade-off
WGEE: weighted generalized estimating equation
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