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Abstract

Background: Research has established the effects of romantic relationships on individuals’ morbidity and mortality. However,
the interplay between relationship functioning, affective processes, and health behaviors has been relatively understudied. During
the COVID-19 pandemic, relational processes may influence novel health behaviors such as social distancing and masking.

Objective: We describe the design, recruitment, and methods of the relationships, risk perceptions, and cancer-related behaviors
during the COVID-19 pandemic study. This study was developed to understand how relational and affective processes influence
romantic partners’ engagement in cancer prevention behaviors as well as health behaviors introduced or exacerbated by the
COVID-19 pandemic.

Methods: The relationships, risk perceptions, and cancer-related behaviors during the COVID-19 pandemic study used online
survey methods to recruit and enroll 2 cohorts of individuals involved in cohabiting romantic relationships, including 1 cohort
of dyads (n=223) and 1 cohort of cancer survivors (n=443). Survey assessments were completed over 2 time points that were
5.57 (SD 3.14) weeks apart on average. Health behaviors assessed included COVID-19 vaccination and social distancing, physical
activity, diet, sleep, alcohol use, and smoking behavior. We also examined relationship factors, psychological distress, and
household chaos.

Results: Data collection occurred between October 2021 and August 2022. During that time, a total of 926 participants were
enrolled, of which about two-thirds were from the United Kingdom (n=622, 67.8%) and one-third were from the United States
(n=296, 32.2%); about two-thirds were married (n=608, 66.2%) and one-third were members of unmarried couples (n=294, 32%).
In cohorts 1 and 2, the mean age was about 34 and 50, respectively. Out of 478 participants in cohort 1, 19 (4%) identified as
Hispanic or Latino/a, 79 (17%) as non-Hispanic Asian, 40 (9%) as non-Hispanic Black or African American, and 306 (64%) as
non-Hispanic White; 62 (13%) participants identified their sexual orientation as bisexual or pansexual, 359 (75.1%) as heterosexual
or straight, and 53 (11%) as gay or lesbian. In cohort 2, out of 440 participants, 13 (3%) identified as Hispanic or Latino/a, 8 (2%)
as non-Hispanic Asian, 5 (1%) as non-Hispanic Black or African American, and 398 (90.5%) as non-Hispanic White; 41 (9%)
participants identified their sexual orientation as bisexual or pansexual, 384 (87.3%) as heterosexual or straight, and 13 (3%) as
gay or lesbian. The overall enrollment rate for individuals was 66.14% and the overall completion rate was 80.08%.

Conclusions: We discuss best practices for collecting online survey data for studies examining relationships and health, challenges
related to the COVID-19 pandemic, recruitment of underrepresented populations, and enrollment of dyads. Recommendations
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include conducting pilot studies, allowing for extra time in the data collection timeline for marginalized or underserved populations,
surplus screening to account for expected attrition within dyads, as well as planning dyad-specific data quality checks.

International Registered Report Identifier (IRRID): DERR1-10.2196/48516

(JMIR Res Protoc 2024;13:e48516) doi: 10.2196/48516
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Introduction

Research has shown that romantic relationships can impact
individuals’ morbidity and mortality outcomes; however, there
is a need to understand how partners in romantic relationships
influence one another’s health outcomes, including through
their health behaviors [1]. In the context of cancer prevention
and control, most of the research has focused on the role of
romantic partners at the stages of diagnosis, treatment, and
survivorship (eg, as caregivers), rather than the role of partners
at the stages of prevention and detection [2,3]. Romantic
relationships often involve mutual and enduring influence over
time, shared decision-making regarding cancer-relevant health
behaviors (eg, diet), and shared social and living environments.
Therefore, focusing cancer prevention efforts on individuals
rather than on romantic dyads, when feasible, may represent a
missed opportunity for positive impact. As such, there is a need
to understand how relational processes in romantic relationships
influence cancer prevention. In this study, we describe the
protocol of the relationships, risk perceptions, and cancer-related
behaviors during the COVID-19 pandemic (R2C2) study, which
aimed to (1) examine ways in which romantic partners influence
each other across a wide range of cancer prevention behaviors
and COVID-19–related behaviors, (2) examine ways in which
the COVID-19 pandemic has influenced both cancer control
and romantic relationships, and (3) recruit participants from
historically underrepresented and medically underserved
backgrounds.

The COVID-19 pandemic has disrupted many stages along the
cancer control continuum including the health behaviors
individuals engage in, their ability to receive treatment,
survivorship care, and even the grieving process [4-8]. In
addition, the pandemic has disrupted social relationships [9,10],
an important social factor contributing to cancer prevention and
control, both in terms of changing the ways in which people
interact and by introducing new stressors and opportunities for
conflict [11]. The COVID-19 pandemic affords the opportunity
to examine not only disruptions across the cancer prevention
and control continuum and disruptions to individuals’ romantic
relationships but also to study ways in which romantic partners
influence each other’s health. Thus, we sought to examine ways
in which cancer prevention and control have been disrupted
during the pandemic, how romantic relationship functioning
has been disrupted, and how romantic partners influence each
other’s COVID-19–related behaviors, such as social distancing,
masking, and vaccination.

The COVID-19 pandemic has also widened gender, sexual
orientation, and racial or ethnic disparities in health and
well-being [12-15]; yet, very little is known about how close
relationships during the pandemic might influence the health
behaviors of these populations. Specifically, dyadic health
research often fails to include people with racialized identities
as well as people who identify with lesbian, gay, bisexual or
pansexual orientations (LGB), and who can be characterized as
underrepresented populations in the literature. In addition, cancer
survivors have been particularly vulnerable to COVID-19 during
the pandemic [16]. The greater risk of health consequences for
cancer survivors due to the COVID-19 pandemic, combined
with evidence gaps in the existing survivorship literature [17],
demonstrates a critical need to better understand the mechanisms
of health behavior and risk perceptions during survivorship.
Thus, a multilevel analysis of health behaviors, including
measuring the role of relationships is needed to fill these
evidence gaps. Close relationships during the pandemic may
impact health behaviors differently across the cancer control
continuum and intersect by identity. Therefore, we aimed to
recruit cancer survivors and underrepresented populations.

Dyadic research, in which both members of a dyad (eg, a
romantic couple) are assessed on the same or similar measures,
is an important methodology that allows for a better
understanding of how individuals in a relationship influence
one another’s health. Dyadic methods can estimate the degree
of correspondence (ie, similarity) in health behaviors and
behavioral correlates between 2 members of a dyad. These
analyses also provide insights into how individuals’ behaviors
are influenced by their partners in a way that cannot be
accomplished by models that assume participants are
independent of one another.

Research designs that investigate the intricate interplay of
environmental factors, health behavior patterns, and shared risk
perceptions within dyadic relationships, particularly romantic
partnerships, are valuable for a better understanding of
individuals’ health. Numerous studies have shown that close
relationship partners, and the quality of those relationships, have
significant impacts on mortality, morbidity, and their underlying
determinants [18-20]. Furthermore, recent research focusing on
romantic relationships during the COVID-19 pandemic has
highlighted the profound impact of mental health indicators
related to COVID-19, such as psychological stress and
depressive symptoms, on the functioning of these relationships
[11,21]. In addition, changes in certain health behaviors during
the pandemic, such as increased alcohol use, have been
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associated with heightened COVID-19–related relationship
conflict [22].

Understanding the specific dynamics of health-related behaviors
and perceptions within romantic partnerships, especially given
the unique challenges posed by events like the COVID-19
pandemic, is crucial. The pandemic introduced stressors and
changes that influence relationship processes, which in turn
may influence how couples engage in health or health-risk
behaviors. Investigating these dynamics can provide insights
into how environmental factors, health behaviors, and shared
risk perceptions influence the health and well-being of both
individuals and their relationships.

Recognizing the largely untapped potential, as well as the gaps
and shortcomings in the existing literature such as homogenous
(ie, White and heterosexual) samples and frequent use of
cross-sectional approaches, led to the conceptualization of this
study examining the complex interplay of multilevel factors in
this context, including relationship variables, risk perceptions,
cancer-related behaviors, and COVID-19–related factors, as

well as structural and environmental factors that may play a
role.

To address evidence gaps in the literature and to assess how the
ongoing COVID-19 pandemic may influence dyadic processes
relevant to health, we designed a dual-cohort repeated-measures
online survey study for the development and testing of
comprehensive models that identify dyadic influences on cancer
risk and prevention behaviors. The first cohort in R2C2
consisted of cohabitating, romantic dyads while the second
cohort consisted of individual cancer survivors who cohabitated
with a romantic partner. R2C2 included the measurement of
multiple relationship variables as well as multiple health-related
outcomes and moderators as a reflection of a more complex
health behavior theoretical framework (discussed in the “Study
Development” section; Figure 1). Surveys were developed with
the intention to include analysis of the effects of individual
differences, emotion coregulation, health behaviors, COVID-19
and cancer-related risk perceptions, and contextual or
environmental factors.

Figure 1. A conceptual framework for the relationships, risk perceptions, and cancer-related behaviors during the COVID-19 pandemic (R2C2) study
of cancer survivors and romantic dyads.

The purpose of this methods report is to describe methodologies
and approaches that are seldom described in detail but will be
valuable for progressing future research on dyadic relationships
and health. There is limited detailed research on best practices
for recruiting specific samples, such as romantic dyads and
cancer survivors, through online panels. Furthermore, dyadic

research is complex and challenging (eg, deciding on whether
to prioritize dyadic completion as a recruitment strategy). Thus,
this report aims to (1) detail the methodological decisions, tools,
and processes that were used during the R2C2 study, (2) report
recruitment, enrollment, and response data, and (3) reflect on
best practices and limitations to guide future study design.
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Methods

Study Development
We engaged in a multipronged approach to develop the study
in a way that would address the abovementioned gaps in cancer
prevention research among dyads. First, we identified that other
federally sponsored surveys did not already focus on multiple
preventive health behaviors among romantic couples. Second,
we conducted a series of literature searches in which we scanned
published literature on specific cancer prevention behaviors to
(1) identify the scope of previous dyadic research that included
outcomes of diet, physical activity, sleep, tobacco use, and
alcohol use and (2) examine measures and methods used in
previous studies of romantic relationships and social support.
Third, we conducted a portfolio analysis to determine National
Cancer Institute (NCI)–funded grants that involved dyads. We
identified the types of dyads sampled, the purpose and specific
aims, outcomes, and the constructs and measures used in these
studies. Fourth, we engaged in a survey development process
in which we asked experts to identify and refine our survey
measures. We identified NCI experts on relationships and health
and held retreats with them to identify key areas and additional
external experts (some of whom were identified during the
literature searches) who could provide feedback on our
conceptual framework (Figure 1), constructs, and measures.
This process was iterative, such that we sent the conceptual
framework to experts for feedback, collated that feedback to
refine the areas, had NCI fellows conduct reviews to identify
relevant items in published work and existing surveys, and sent
a long-form survey to the experts for comment and reductions
or additions. We also solicited feedback on dyadic research gaps
from the general scientific community and the public through
the NCI Behavioral Research Program website before selecting
the items included in the survey.

These efforts helped refine the methods and content of the study.
For example, through this feedback, we added an assessment
of stressful life events commonly experienced among adults to
examine how these events influence individuals’ and dyads’
cancer risk behaviors. We also collected data at more than one
time point to meaningfully study social exchange and support
processes within couples. Our conversations with other

researchers also confirmed the importance of recruiting dyads
that included individuals who have been underrepresented in
the literature (ie, individuals with racialized identities and
individuals who identify with LGB sexual orientations). We
maintained a focus on these recommendations when deciding
how to incorporate pandemic-related influences into the survey.

Recruitment and Enrollment
We recruited 2 cohorts of participants using Prolific, a UK-based
online platform for research participant pool recruitment and
paid participation [23]. Prolific has protocols intended to fairly
compensate participants and deliver high-quality data to
researchers. At the time of our study recruitment, Prolific had
a pool of approximately 122,110 total available users, all of
whom were 18 years or older. We used their standard sample
recruitment method and prescreening tool to launch our studies.
The prescreening tool allows the recruitment of selected groups
of participants based on an extensive set of screening questions
carried out by Prolific for each user. Screening criteria can be
very specific to meet the needs of a study; for example,
researchers can select participants who report a diagnosis of a
specific chronic illness, like cancer. Multiple types of screening
criteria can be applied, and researchers can preview an estimate
of the available user pool for their specific criteria when they
create a new study. This estimate is based on the number of
potential participants who meet the selected criteria and who
have been active on Prolific in the past 90 days.

Eligibility criteria used for both cohorts of adults (cohort 1 of
romantic partners and cohort 2 of cancer survivors) were
selected using the prescreening tool and included: (1) fluent in
English, (2) living with a spouse or partner, and (3) living in
the United States or the United Kingdom. In addition, cohort 1
required both partners to affirm using Prolific’s prescreening
tool that they have a romantic partner who also has a Prolific
account, and cohort 2 required individuals to report having had
cancer using Prolific’s prescreening tool (cohort-specific
considerations are further discussed in this paper). At the time
of initiation of data collection, according to Prolific, the resulting
number of participants eligible for the studies was 6141 for
cohort 1 and 731 for cohort 2. Figure 2 contains details regarding
study recruitment.
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Figure 2. Relationships, risk perceptions, and cancer-related behaviors during the COVID-19 pandemic (R2C2) study flow diagram.

Stratification
Prolific is typically found to have a more diverse participant
pool and higher quality data compared with other online
recruitment platforms such as Amazon Mechanical Turk [23,24].
However, to ensure adequate recruitment of individuals from
underrepresented populations, we implemented a stratification
approach for our study. While we initially intended to use this
stratification approach for both cohorts, the small number of

eligible cancer survivors from diverse backgrounds necessitated
opening recruitment to the entire pool of cancer survivors to
achieve adequate statistical power. Therefore, the following
stratification method was only used throughout the entire study
for cohort 1. For cohort 2, the stratification method was
implemented toward the end of data collection to attempt to
better balance race or ethnicity in the sample.

Prolific offers a built-in recruitment process to balance across
sex but balancing across other demographic groups requires
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researchers to create multiple copies or versions of their study
to select the specified prescreening criteria for each. For cohort
1, we created 4 versions of the study (all linked to the same
single Qualtrics survey) to meet recruitment goals for the
individuals, identifying as (1) people with both a racialized
identity and an LGB sexual orientation (group 1), (2) people
with a racialized identity and heterosexual orientation (group
2), people who identified as White and an LGB sexual
orientation (group 3), and (3) people who identified as White
and heterosexual (group 4). Specifically, Prolific-defined
categories for “ethnicity (simplified)” and “sexual orientation”
were used so that individuals who selected the Black, Asian,
mixed, and other response options represented people with
underrepresented racialized identities and individuals who
selected the homosexual, bisexual, asexual, and other response
options represented people with underrepresented sexual
orientations, respectively. Partner A’s Prolific screening
information was used to assign dyads to a stratification group.

Finally, to confirm that eligibility criteria data provided to
Prolific by users remained accurate at the time of enrollment
(eg, still living with a romantic partner) we conducted a brief
validation of prescreening data by readministering screening
questions used by Prolific before administering “time 1” surveys
to each cohort. Enrollment in study screening was ongoing for
several months of the iterative data collection process. Every
48 hours, Prolific sends email invitations to a random proportion
of users who are eligible for studies that have not reached their
maximum number of submissions [25].

Data Collection
Cohort 1 data collection ran from October 13, 2021, to June 10,
2022, and cohort 2 from December 20, 2021, to August 31,
2022. Surveys were administered online using Qualtrics.
Questionnaires and items used in each of the surveys were
similar across the 2 cohorts and the 2 time points, and summaries
of these measures (constructs and example items) can be found
in Multimedia Appendix 1.

Demographic characteristics were only assessed at time 1.
Prolific and Qualtrics have integration features available to
ensure continuity between participants’ completing studies on
Qualtrics and receiving completion credit on Prolific. We used
these integration features to automatically record participants’
Prolific IDs in the embedded Qualtrics data, as well as provided
a completion code to participants at the end of their Qualtrics
survey to enable their receipt of credit on the Prolific platform.
For further information about this process, we recommend
visiting Prolific’s research help center [25]. After building our
survey in Qualtrics by inserting our Institutional Review
Board–approved questionnaires, we estimated the time for time
1 and time 2 completion to be about 20-30 minutes. Our study
team then piloted the survey to confirm the formatting was
displaying as intended and the completion time estimates were
correct. Accordingly, we set the Prolific time effort as 30
minutes. The screening assessment for cohort 2 was built-in to
the beginning of the time 1 survey, and access to the survey
was contingent on this screening.

Before launching the surveys, another phase of pilot testing was
done. After study team members piloted the surveys to confirm

format and timing, 6 Prolific users who met the criteria for
cohort 1 (ie, 3 dyads) were invited as pilot participants. These
participants helped us test the process of screening, tracking,
matching, inviting, and compensating eligible dyads in Prolific
and Qualtrics. In addition, 5 of these participants took part and
provided proof of concept for the study setup. Because changes
were not made to the study following these pilot tests, the 5
pilot participants were included in the final data set for cohort
1.

Each participant who successfully completed time 1 was
compensated for their participation within 2 weeks. After
completing time 1, invitations to complete time 2 for additional
compensation were sent to eligible individuals after 4 weeks,
which was done by pasting each time 1 participant’s Prolific
ID into a “custom-allow list” for each of the cohort’s respective
time 2 surveys on Prolific.

Considerations for Cohort 1
Prolific enables dyadic data collection from romantic couples
[25]. The key feature used to achieve this is the prescreening
question, “Do you have a romantic partner who has a Prolific
account and are you willing to participate in studies as a
couple?” It is required to create 2 versions of a study to recruit
cohabitating couples on Prolific due to a mechanism that blocks
duplicate IP addresses from participating in the same study.
Therefore, our screening process entailed administering 4
versions for Partner A (discussed in “Stratification” section),
and 1 additional survey for Partner B. The label of Partner A
was assigned to the first user in a dyad who completed our
screening process. In addition to confirming eligibility criteria
during screening, we also asked Partner A to provide the Prolific
ID of their romantic partner so that we could add them to the
allowed list for the Partner B version of the study. Finally,
demographic information from Partner A was used to assign
dyads to stratification groups. Once we obtained screening
information for Partner A, a unique Dyad ID was assigned.

Once Partner B completed the screening and confirmed the
Prolific ID of their romantic partner, we invited each partner to
enroll in the respective A and B copies of the time 1 survey.
These survey copies were identical, with the same Qualtrics
link, and existed as a workaround to the IP address blocking
mechanism. For time 2, invitations to complete the survey were
only sent to dyads 4 weeks after both partners had completed
time 1 (ie, 4 weeks after the second partner completed time 1.
Both partners’ time 1 completion was a requirement for time 2
eligibility). In addition, to minimize excessive time elapsing
between the time points, we sent reminder messages through
private messages after about 8 weeks to the participants for
whom their partner had already completed time 1.

Considerations for Cohort 2
The unique aspect of the data collection process for cohort 2,
the cancer survivor cohort, required screening individuals for
any history of cancer. The Prolific prescreening question used
for this was, “Do you have–or have you had–any condition,
injury, or chronic illness?” and the response required for
eligibility was “Cancers.” In the time 1 survey, we asked
participants to indicate their specific cancer type from a list we
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provided. In cases where a cancer type was not listed, we
accepted this information through secure Prolific messages from
participants. All other data collection processes followed
according to the description in the section, “Data Collection.”
Cohort 2 was not dyadic; we only required participants to report
cohabitating with their romantic partner.

We were unable to target cohort 2 using the stratified enrollment
strategy we used for cohort 1 due to the small sample size of
cancer survivors participating on Prolific. After recruiting cohort
2 for 8 months, we examined the race or ethnicity of the sample
and decided to try to focus recruitment on participants who were
from underrepresented racialized backgrounds. This resulted in
the recruitment of 7 more participants to the cancer survivor
cohort.

Ethical Considerations
After a human subject ethics review, the study was classified
as exempt by the National Institutes of Health Office of
Institutional Review Board Operations (#000535), under the
exemption for “uses educational tests, surveys, interviews, or
observations of public behavior”. Each participant provided
informed consent online (with the choice to instead opt out)
before beginning the study. Per Prolific rules, participants were
not asked to provide any personally identifying information.
The research team has access to participants’ Prolific ID, but
this ID can only be linked to their participants’ personally
identifying information by Prolific. Prolific staff members do
not have access to any of the study data, which were collected
using Qualtrics. As such, no individual or entity is able to
connect participants’ personally identifying information with
their study data. Compensation was set on Prolific as US $3.50
for time 1 and US $5 for time 2. The increased incentive was
intended to reduce attrition and incentivize participation at
follow-up [26]. In addition, to properly screen each member of
the dyads in cohort 1, US $0.25 was awarded for the separate
screening process.

Data Quality and Analysis
A power analysis to determine the number of participants to
enroll for cohort 1 was calculated using the online tool, Power
Analysis for the Actor-Partner Interdependence Model
(APIMPowerR) [27] using the following assumptions: α=.05,
85% power, moderate effect size for actor pathways (Cohen
d=0.50), small effect size for partner pathways (Cohen d=0.30),
r=0.25 correlation of actor with partner variables, and r=0.25
correlation of errors. These analyses indicated 201 dyads (n=402
participants) would yield adequate power to detect partner
pathways (and 74 dyads, or n=148 participants, would yield
adequate power to detect actor pathways). For cohort 2, using
G*Power [28], we conducted power analyses for multiple linear
regressions using assumptions such as α=.05, 85% power,

small-medium effect size (f2=0.05), and up to 10 predictors.
This analysis indicated that 372 participants would yield

adequate power to detect an R2 deviation from 0. The power
analysis for each cohort helped inform the minimum number
of participants to recruit.

We implemented several measures to promote high-quality final
data across both cohorts. In building the study surveys in

Qualtrics, we included CAPTCHA (Completely Automated
Public Turing test to tell Computers and Humans Apart)
technology that detects bot-like responses. When the data
became available, we checked for abnormally fast response
rates, reviewed responses to our attention check item
(Multimedia Appendix 1), and reviewed couple concordance
on expected responses in cohort 1 (eg, county of residence). To
identify fast responses to the surveys, we set a parameter of 2
SDs under the mean completion time, identifying no responses
to remove on this basis. Among the few participants who had
failed the attention check item, we reviewed their other
responses to identify strings of low-quality data (eg,
straight-lining), removing no respondents on this basis; rather,
we added a flag variable to the data set to alert analysts of failed
attention checks. We contacted Prolific to verify that flagged
users were in good standing, and with their recommendation,
we removed 2 cases from the cohort 1 data sets that we flagged
for suspicious discordance in their data. Another individual was
removed from cohort 1 time 1 after a review of their survey
responses indicating they were not based in the United States
or the United Kingdom. Furthermore, 1 more case was removed
for being a duplicate. For cohort 2, 1 case was removed from
time 1 for being a duplicate, and 1 case was removed from time
2 for having incomplete data. Finally, a check for participants
who may have entered both cohorts (despite attempts to exclude
based on previous participation—ongoing studies were not able
to be factored into these exclusions) revealed 3 cases that were
removed from each time point in cohort 2 (Figure 1).

Enrollment is defined in our study in the following way: enrolled
users at each time point refer to the number who met all the
criteria (and were therefore paid for their participation), that are
(1) were found to be eligible through our screening process, (2)
completed the survey on Qualtrics, (3) did not withdraw their
participation on Prolific, and (4) did not time out on Prolific
after the 87 minutes allowed (calculated by Prolific based on
estimated completion time of 30 minutes).

Results

Enrollment
The overall enrollment rate for the R2C2 study was 66.14%,
with 926 individuals enrolled in time 1 after screening 1400.
The overall completion rate for those who completed both time
points out of those who were invited to time 1 was 80.08%.
Enrollment data for each cohort and time point are reported
below and in Figure 1.

Cohort 1 Enrollment

Screened Participants
We screened 907 individuals; that is, 907 individuals consented
to the study and completed the screener (and were compensated).
This number includes pilot participants. This number does not
include participants who returned their screener or who timed
out of the screener (ie, who did not complete the screener).

Invited Participants
Of the 907 individuals who completed the screener, we obtained
267 dyads (534 individuals). That is, of the 907 individuals who
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completed the screener, 534 (58.9%) individuals confirmed
their romantic partnership with another screened individual,
resulting in 267 dyads being invited to take the time 1 survey.
Individuals were only sent the time 1 survey if they were
confirmed to be in a relationship with another person who
completed the screener.

Time 1 Enrollment
Of the 267 dyads (534 individuals) who were sent the time 1
survey, 482 (90.3%) individuals and 223 (83.5%) dyads had
fully completed time 1 surveys. Individuals were only sent the
time 2 survey if they and their partner both completed the time
1 survey.

Time 2 Enrollment
Of the 446 individuals (making up the 223 dyads) who were
sent the time 2 survey, 413 (92.6%) individuals and 196 (87.9%)
dyads completed the time 2 survey.

Dyadic Enrollment Rate
In sum, screening 907 individuals resulted in complete dyadic
data for 196 dyads (392, 43.2% individuals). In other words,
43.2% of the screened individuals confirmed they were in a
dyad, we sent them and their partner the time 1 survey and they
both completed it, and we sent them and their partner the time
2 survey 4 weeks later and they both completed it. Of the eligible
dyads who were invited to the time 1 survey, 73.4% (196/267)
fully completed the study.

Sample Characteristics
Sample characteristics were calculated based on the number of
participants who completed the time 1 survey, after exclusions
(discussed in the “Data Quality and Analysis” section; n=478).
The mean age of participants was 34.31 (SD 9.28) years. Out
of the total, 78% (373/478) were based in the United Kingdom
and 22% (105/478) in the United States. The average length of
participants’ romantic relationships was 10.05 (SD 7.59) years.
Other characteristics, including gender, race, ethnicity, sexual
orientation, history of COVID-19 infection, education, and
relationship type appear in Table 1.
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Table 1. Sample characteristics.

Cohort 2 (N=440)Cohort 1 (N=478)Characteristics

Country of residence, n (%)

191 (43.4)105 (22)United States

249 (56.6)373 (78)United Kingdom

Gender, n (%)

128 (29.1)215 (45)Men

310 (70.5)259 (54.2)Women

2 (<1)4 (<1)Nonbinary or gender-queer

50.25 (13.85)34.31 (9.28)Age (years), mean (SD)

Race or ethnicity, n (%)

13 (3)19 (4)Hispanic or Latino/a

1 (<1)0 (0)Non-Hispanic American Indian or Alaska Native

8 (2)79 (17)Non-Hispanic Asian

5 (1)40 (8)Non-Hispanic Black or African American

2 (<1)2 (<1)Non-Hispanic Middle Eastern or North African

13 (3)23 (5)Non-Hispanic multiple races selected

0 (0)8 (2)Non-Hispanic othera

398 (90.5)306 (64)Non-Hispanic White

0 (0)1 (<1)Not reported

Sexual orientation, n (%)

41 (9)62 (13)Bisexual or pansexual

384 (87.3)359 (75.1)Heterosexual or straight

13 (3)53 (11)Homosexual, gay, or lesbian

2 (<1)4 (<1)Something else

History of COVID-19 infection, n (%)

93 (21)106 (22.2)Yes

346 (78.6)367 (76.8)No

1 (<1)5 (1)I don’t know

Cancer typeb, n (%)

138 (31.4)1 (<1)Breast

37 (8)0 (0)Cervical

24 (5)0 (0)Colorectal

19 (4)2 (<1)Endometrial

39 (9)0 (0)Head and neck

60 (14)3 (<1)Hematologic

6 (1)0 (0)Lung

26 (6)1 (<1)Melanoma

20 (5)0 (0)Ovarian

29 (7)1 (<1)Prostate

12 (3)0 (0)Renal

74 (17)1 (<1)Otherc

0 (0)469 (98.1)No current or past cancers
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Cohort 2 (N=440)Cohort 1 (N=478)Characteristics

Relationship type, n (%)

337 (76.6)271 (54.1)Married

10 (2)3 (<1)Divorced

3 (<1)0 (0)Widowed

3 (<1)2 (<1)Separated

17 (4)25 (5)Never married

94 (21)200 (39.9)A member of an unmarried couple

Education, n (%)

15 (3)11 (2.3)Less than a high-school degree

60 (14)67 (14)A high-school degree or GEDd

122 (27.7)108 (22.6)Some college but not a college degree

243 (55.2)292 (61.1)A 4-year college degree or higher

aNon-Hispanic Other: participants who did not select Hispanic for ethnicity, selected “Some other race,” and did not select anything else listed in the
response options for race. For cohort 1, most individuals who selected this either chose not to specify or identified with a country or region of origin
(eg, “N/A,” “Caribbean,” “Moroccan,” and “Polish”).
bValues and percentages may sum >cohort N as they are “check all that apply” items.
cOther: for cohort 1, nonmelanoma skin cancer (n=1); for cohort 2, nonmelanoma skin cancer (n=36), bladder (n=9), bone (n=9), liver (n=3), oral (n=1),
pancreatic (n=1), pharyngeal (n=1), and another cancer not listed (n=14).
dGED: General Educational Diploma.

Cohort 2 Enrollment

Screened Participants
We screened 493 individuals; that is, 493 individuals consented
to the study and completed the screener. Of the 493 individuals
who completed the screener, 450 (91.3%) individuals were
confirmed as eligible and were immediately directed to continue
to time 1 if they wished.

Time 1 Enrollment
Of the 450 individuals who were administered the time 1 survey,
444 (98.7%) individuals completed it.

Time 2 Enrollment
Of the 444 individuals who were sent the time 2 survey, 375
(84.5%) individuals completed it.

Sample Characteristics
Sample characteristics were calculated based on the number of
participants who completed the time 1 survey, after exclusions
(n=440). The mean age of participants was 50.25 (SD 13.85)
years. In total, 57% (249/440) were based in the United
Kingdom and 43% (191/440) in the United States. The average
length of participants’ romantic relationships was 21.86 (SD
14.37) years. Complete sample characteristics appear in Table
1.

Discussion

Principal Findings
As research across multiple disciplines has increasingly used
online techniques [29], the importance of ensuring high
enrollment rates, minimizing attrition, and maintaining high

data quality for online studies with specific recruitment criteria
and complex methods remains important. The experience of
conducting the R2C2 study, which included a dyadic cohort
and a cohort of cancer survivors who were surveyed across 2
waves online, can be used to inform recommendations for
researchers aiming to conduct surveys using similar
methodologies in online recruitment and data collection
platforms. We have discussed several lessons learned from the
R2C2 study and provided concrete recommendations for
researchers who study romantic relationships or cancer
survivorship throughout the “Discussion” section.

Challenges and Successes During Recruitment and
Enrollment
We had several objectives with respect to recruitment. First, we
aimed to recruit and retain a sample of 201 dyads for cohort 1,
and second, to maximize diversity in cohort 1 with respect to
sexual orientation, race, and ethnicity. Third, we aimed to recruit
a sample size of 372 individuals to cohort 2, and fourth, to
maximize sample diversity in cohort 2 with respect to racial or
ethnic background.

Despite having a relatively long data collection period of 9
months, increasing incentives for survey completion, and
screening and recruiting additional individuals, we fell short of
our goal of 201 dyads with complete data (final n=194 dyads
with complete, quality-checked data). Our initial assumptions,
using Prolific’s prescreening tool, were that 20% of individuals
screened would be ineligible for participation. However, about
half of the participants or their partners did not meet the
inclusion criteria, or individuals’ partners did not complete the
screening survey to complete the dyad. We, therefore,
recommend that the researchers screen about twice as many
individuals than they need to achieve a dyadic recruitment goal
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on Prolific. Among those who passed screening, dyadic
completion of the full study was relatively high (196/267,
73.4%). Finding eligible participants to pass the screening was
in reality the more challenging hurdle because it involved both
the dyad members completing the screening, including questions
for which the responses could have changed between the Prolific
prescreening and our screening process (eg, partner no longer
uses Prolific). For cohort 2, with only 1 participant to screen
and cancer survivorship being a fixed screening response,
over-recruitment of the same magnitude was not necessary.

Our second aim was to maximize the cohort 1 sample diversity
with respect to sexual orientation, race, and ethnicity. We
consider our efforts partially successful. Approximately 24.9%
(119/478) of the cohort 1 sample identified with an
underrepresented sexual orientation, about 31.8% (152/478) of
the sample identified with an underrepresented racial group,
and about 4% (19/478) of the sample identified as Hispanic or
Latino. From these data, we can conclude that we oversampled
underrepresented groups from the available pool on Prolific.
However, the proportion of our sample identifying as Hispanic
or Latino falls short of the US population estimates (about 19%;
[30]). Therefore, in future studies aiming to obtain a sample of
more representatives of the US population, we would
recommend more targeted recruitment efforts to oversample
participants who identify with Hispanic or Latino ethnicity. In
addition, researchers aiming to use stratification methods for
online panels as a recruitment strategy should consider
exclusively opening the survey to targeted recruitment
populations at the start, to get a sense of the sampling patterns
and efforts required. We also suggest that researchers contact
their recruitment platform before implementing stratification
efforts to estimate the length of time it might take to reach
sampling goals, and to plan for a longer data collection period
compared with a nonstratified sampling study.

Although efforts were successful in recruiting a dyadic sample
inclusive of those with sexual orientations not well-represented
in previous research, it is important to note the limitations
associated with Prolific’s sexual orientation prescreening
criterion. Specifically, Prolific’s sexual orientation question
includes limited response options (ie, “heterosexual,”
“homosexual,” “bisexual,” “asexual,” and “other”) which may
fail to capture the full range of diverse sexualities present among
Prolific’s participant pool at the time of data collection, and the
exclusive use of the term “homosexual” may be deemed
offensive by some who prefer to identify as gay or lesbian,
potentially leading to inaccurate responses or discomfort for
the participants.

Our third aim was to recruit a sample of 372 cancer survivors.
This goal was achieved; 444 participants completed the time 1
survey, and 375 participants completed the time 2 survey. When
we began the study, a total of 731 cancer survivors were eligible;
this indicated a high rate of engagement or interest in
participation, and low attrition among the cancer survivor cohort.
Data collection for cohort 2 took approximately 9 months. Given
that the available pool of cancer survivors was small (n=731),
it was not feasible to conduct a dyadic study in which 1 partner
was a cancer survivor or to prioritize stratified recruitment to
maximize sample diversity with respect to race, ethnicity, or

sexual orientation. Near the end of data collection for cohort 2,
we closed the main survey open to all individuals who met our
inclusion criteria and opened a separate survey that was only
open to individuals who identified as one of the following
ethnicities: African, Black or African American, Caribbean,
East Asian, Latino or Hispanic, Middle Eastern, Mixed, Native
American or Alaskan Native, South Asian, Other, White or
Sephardic Jew, Black or British, White Mexican, Romani or
Traveller, or South East Asian (variable “ethnicity”). The survey
was open for approximately 4 weeks and 7 participants
completed the study. Given that we were nearing the end of our
planned data collection period, we decided to close this survey
and end data collection at that time. Our recommendation to
researchers aiming to recruit underrepresented populations on
Prolific is to be mindful of the inclusion criteria they use and
how it may further restrict their sample size. In addition,
patience is key.

Challenges and Successes During Study Design and
Data Collection
We would like to acknowledge that we had an overall positive
experience using Prolific as our recruitment platform. Prolific
has a very responsive support team that was able to address
questions and issues that arose, from data collection to data
cleaning. However, there were some challenges associated with
using Prolific with our study design and we learned a few
lessons while using the platform that may be useful to other
researchers. First, researchers should be aware that Prolific
prevents individuals in the same household (according to IP
address) from taking the same survey. We realized this when
piloting our survey with a small number of dyads for cohort 1
(which we recommend researchers do to minimize data
collection errors at a larger scale). This is intentional—the goal
is to prevent individuals from taking the same survey twice [25].
However, this feature of Prolific means that researchers must
send the members of a dyad 2 separate invitations to enable
them to complete the study. We set up 2 studies in Prolific, one
for Partner A and one for Partner B, and manually sent separate
study invitations to participants by adding them to custom-allow
lists. This meant that we had to identify Partner A and Partner
B in each dyad, keep them straight throughout data collection,
and take the time to manually send surveys to participants using
the custom-allow lists. Although this can be done in batches
(by setting up surveys so that they are accessible by invitation
only), this is time consuming compared with the typical online
survey. This poses a limitation to researchers who aim to send
surveys to individuals immediately when they become eligible
for the study.

It was found that one strength of using Prolific and other online
platforms in behavioral research, especially in a COVID-19
pandemic or postpandemic world, is that we can achieve better
reach. This was especially crucial for our recruitment of cancer
survivors, as this population may have been even more
challenging to reach if we had required an in-person component
of our study, given their increased health risks during the
pandemic. Most recruitment platforms also provide the ability
to send participants study reminders—we recommend
investigating if this is done automatically and otherwise deciding
a priori intervals to send reminders manually. Online survey
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methods and platforms have become more critical tools than
ever before.

Related to the COVID-19 pandemic, there were several
challenges with respect to our study design and data collection.
The primary challenge was the need to be responsive to
pandemic-related changes in the items that we included in our
surveys. For instance, as variants evolved and vaccines became
more widely available, there were changes in individuals’ risky
behaviors (and what was considered risky), their perceptions,
etc. This is something that will need to be addressed in all the
analyses that use the data from this work. In addition, there were
changes in vaccine availability and recommendations across
the data collection period (eg, vaccine recommendations for
children). Furthermore, there were pandemic-related differences
between the United States and the United Kingdom that need
to be accounted for, such as governments’ responses to the
pandemic and cultural perceptions of the pandemic.

There were also several challenges in collecting dyadic, repeated
measures data online. First, managing data collection for dyads
is quite complex and requires frequent team meetings for the
purpose of decision-making (eg, whether to use data from partial
dyads or whether to allow individual partners to continue the
study if their partner is not responding). Second, we identified
that there is a need to verify that participants are (1) in
cohabiting relationships with the other participant they identified
on Prolific and (2) are not completing the study for their partner.
In other words, there is a need to verify that 2 people are in a
dyad but that both members of the dyad completed their
respective surveys independently of one another. We
recommend that researchers include questions for which the
responses should differ for partners (and questions for which
the responses should be the same). For instance, partners should
generally indicate similar time frames for the start of their
relationship and cohabitation, as well as residing in the same
county if cohabitating; partners should generally report different

specific heights and weights. We also recommend examining
the times that participants start and complete their surveys
compared with their partners and paying close attention to dyads
who complete their surveys at close times. To protect
participants’ privacy, we chose to disable the collection of IP
address data in Qualtrics, however, this data could potentially
be useful for data quality checks, as well. We recommend
contacting a recruitment platform directly with questions about
data quality. Prolific does have protocols to retain users who
provide high-quality data [23].

Conclusion
With this protocol paper, we aimed to describe the decisions
and methodological approaches that were used in the R2C2
study to inform best practices for future online research on
dyadic relationships and health. Online data collection methods
can enable research teams to obtain cross-sectional or
repeated-measures data from participants and their romantic
partners; however, obtaining data from underrepresented
populations such as cancer survivors and medically underserved
populations was a challenge. We encountered several important
considerations for designing dyadic health research in particular
that have not been previously described in detail. We
recommend conducting pilot studies to test the infrastructure
of the data collection process—screening at least 2 times the
number of individuals that complete data is needed in order to
account for the attrition that occurs with this panel-based design,
as well as planning dyad-specific data quality checks. For
recruiting large samples of underrepresented populations, we
recommend allowing for extra time in the data collection
timeline and working with the online panel to create realistic
expectations for recruitment goals. Relationships are significant
to all aspects of life including health, and with valuable tools
and sound methods, online research in this area can make
worthwhile contributions to further our understanding of this
complex association.

Acknowledgments
The authors thank Paige Green (PhD) for her review of this manuscript.

Authors' Contributions
RF, AMA, TAC, and LD contributed to the conceptualization of the study, visualization, supervision, and project administration.
JB, CH, and AMA contributed to writing-original draft, and LG, RF, LD, and TAC to editing and writing-review. JB, CH, and
AMA contributed to methodology, investigation, and data curation.

Conflicts of Interest
None declared.

Multimedia Appendix 1
Measured constructs and example items.
[DOCX File , 25 KB-Multimedia Appendix 1]

References

1. Huelsnitz CO, Jones RE, Simpson JA, Joyal-Desmarais K, Standen EC, Auster-Gussman LA, et al. The dyadic health
influence model. Pers Soc Psychol Rev. 2022;26(1):3-34. [doi: 10.1177/10888683211054897] [Medline: 34873983]

2. Pietromonaco PR, Uchino B, Dunkel Schetter C. Close relationship processes and health: implications of attachment theory
for health and disease. Health Psychol. 2013;32(5):499-513. [doi: 10.1037/a0029349] [Medline: 23646833]

JMIR Res Protoc 2024 | vol. 13 | e48516 | p. 12https://www.researchprotocols.org/2024/1/e48516
(page number not for citation purposes)

Bowers et alJMIR RESEARCH PROTOCOLS

XSL•FO
RenderX

https://jmir.org/api/download?alt_name=resprot_v13i1e48516_app1.docx&filename=d826c6fa96a9ab63e0ec6644a070ea1f.docx
https://jmir.org/api/download?alt_name=resprot_v13i1e48516_app1.docx&filename=d826c6fa96a9ab63e0ec6644a070ea1f.docx
http://dx.doi.org/10.1177/10888683211054897
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34873983&dopt=Abstract
http://dx.doi.org/10.1037/a0029349
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23646833&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/


3. Uchino BN. Social support and health: a review of physiological processes potentially underlying links to disease outcomes.
J Behav Med. 2006;29(4):377-387. [doi: 10.1007/s10865-006-9056-5] [Medline: 16758315]

4. Ferrer RA, Acevedo AM, Agurs-Collins TD. COVID-19 and social distancing efforts—implications for cancer control.
JAMA Oncol. 2021;7(4):503-504. [doi: 10.1001/jamaoncol.2020.6786] [Medline: 33331856]

5. Sharpless NE. COVID-19 and cancer. Science. 2020;368(6497):1290. [doi: 10.1126/science.abd3377] [Medline: 32554570]
6. Mayo M, Potugari B, Bzeih R, Scheidel C, Carrera C, Shellenberger RA. Cancer screening during the COVID-19 pandemic:

a systematic review and meta-analysis. Mayo Clin Proc Innov Qual Outcomes. 2021;5(6):1109-1117. [doi:
10.1016/j.mayocpiqo.2021.10.003] [Medline: 34693211]

7. Alkatout I, Biebl M, Momenimovahed Z, Giovannucci E, Hadavandsiri F, Salehiniya H, et al. Has COVID-19 affected
cancer screening programs? a systematic review. Front Oncol. 2021;11:675038. [FREE Full text] [doi:
10.3389/fonc.2021.675038] [Medline: 34079764]

8. Hacker KA, Briss PA, Richardson L, Wright J, Petersen R. COVID-19 and chronic disease: the impact now and in the
future. Prev Chronic Dis. 2021;18:E62. [doi: 10.5888/pcd18.210086] [Medline: 34138696]

9. Randall AK, Leon G, Basili E. Erratum to coping with global uncertainty: perceptions of COVID-19 psychological distress,
relationship quality, and dyadic coping for romantic partners across 27 countries. J Soc Pers Relat. 2022;39(1):3-33. [doi:
10.1177/02654075211061907]

10. Estlein R, Gewirtz‐Meydan A, Opuda E. Love in the time of COVID‐19: a systematic mapping review of empirical
research on romantic relationships one year into the COVID‐19 pandemic. Fam Process. 2022;61(3):1208-1228. [doi:
10.1111/famp.12775] [Medline: 35419816]

11. Pietromonaco PR, Overall NC. Applying relationship science to evaluate how the COVID-19 pandemic may impact couples’
relationships. Am Psychol. 2021;76(3):438-450. [doi: 10.1037/amp0000714] [Medline: 32700937]

12. Phillips II G, Felt D, Ruprecht MM, Wang X, Xu J, Pérez-Bill E, et al. Addressing the disproportionate impacts of the
COVID-19 pandemic on sexual and gender minority populations in the United States: actions toward equity. LGBT Health.
2020;7(6):279-282. [doi: 10.1089/lgbt.2020.0187] [Medline: 32790495]

13. Connor J, Madhavan S, Mokashi M, Amanuel H, Johnson NR, Pace LE, et al. Health risks and outcomes that
disproportionately affect women during the Covid-19 pandemic: a review. Soc Sci Med. 2020;266:113364. [FREE Full
text] [doi: 10.1016/j.socscimed.2020.113364] [Medline: 32950924]

14. Mishra V, Seyedzenouzi G, Almohtadi A, Chowdhury T, Khashkhusha A, Axiaq A, et al. Health inequalities during
COVID-19 and their effects on morbidity and mortality. J Healthc Leadersh. 2021;13:19-26. [FREE Full text] [doi:
10.2147/JHL.S270175] [Medline: 33500676]

15. Green H, Fernandez R, MacPhail C. The social determinants of health and health outcomes among adults during the
COVID‐19 pandemic: a systematic review. Public Health Nurs. 2021;38(6):942-952. [doi: 10.1111/phn.12959] [Medline:
34403525]

16. Han S, Zhuang Q, Chiang J, Tan SH, Chua GWY, Xie C, et al. Impact of cancer diagnoses on the outcomes of patients
with COVID-19: a systematic review and meta-analysis. BMJ Open. 2022;12(2):e044661. [doi:
10.1136/bmjopen-2020-044661] [Medline: 35131810]

17. Gallicchio L, Tonorezos E, de Moor JS, Elena J, Farrell M, Green P, et al. Evidence gaps in cancer survivorship care: a
report from the 2019 National Cancer Institute cancer survivorship workshop. J Natl Cancer Inst. 2021;113(9):1136-1142.
[doi: 10.1093/jnci/djab049] [Medline: 33755126]

18. Brown EG, Gallagher S, Creaven AM. Loneliness and acute stress reactivity: a systematic review of psychophysiological
studies. Psychophysiology. 2018;55(5):e13031. [doi: 10.1111/psyp.13031] [Medline: 29152761]

19. Holt-Lunstad J. Why social relationships are important for physical health: a systems approach to understanding and
modifying risk and protection. Annu Rev Psychol. 2018;69:437-458. [doi: 10.1146/annurev-psych-122216-011902] [Medline:
29035688]

20. Robles TF, Slatcher R, Trombello JM, McGinn MM. Marital quality and health: a meta-analytic review. Psychol Bull.
2014;140(1):140-187. [doi: 10.1037/a0031859] [Medline: 23527470]

21. Bevan JL, Murphy M, Lannutti PJ, Slatcher RB, Balzarini RN. A descriptive literature review of early research on COVID-19
and close relationships. J Soc Pers Relat. 2023;40(1):201-253. [doi: 10.1177/02654075221115387] [Medline: 38603371]

22. Lee SJ, Ward KP, Rodriguez CM. Longitudinal analysis of short-term changes in relationship conflict during COVID-19:
a risk and resilience perspective. J Interpers Violence. 2022;37(15-16):NP14239-NP14261. [doi:
10.1177/08862605211006359] [Medline: 33866855]

23. Palan S, Schitter C. Prolific.ac—a subject pool for online experiments. J Behav Exp Finance. 2018;17:22-27. [doi:
10.1016/j.jbef.2017.12.004]

24. Peer E, Brandimarte L, Samat S, Acquisti A. Beyond the turk: alternative platforms for crowdsourcing behavioral research.
J Exp Soc Psychol. May 2017;70:153-163. [doi: 10.1016/j.jesp.2017.01.006]

25. Prolific. Researcher Help Centre. URL: https://researcher-help.prolific.co/hc/en-gb [accessed 2024-06-17]
26. Sammut R, Griscti O, Norman IJ. Strategies to improve response rates to web surveys: a literature review. Int J Nurs Stud.

2021;123:104058. [doi: 10.1016/j.ijnurstu.2021.104058] [Medline: 34454334]

JMIR Res Protoc 2024 | vol. 13 | e48516 | p. 13https://www.researchprotocols.org/2024/1/e48516
(page number not for citation purposes)

Bowers et alJMIR RESEARCH PROTOCOLS

XSL•FO
RenderX

http://dx.doi.org/10.1007/s10865-006-9056-5
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16758315&dopt=Abstract
http://dx.doi.org/10.1001/jamaoncol.2020.6786
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33331856&dopt=Abstract
http://dx.doi.org/10.1126/science.abd3377
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32554570&dopt=Abstract
http://dx.doi.org/10.1016/j.mayocpiqo.2021.10.003
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34693211&dopt=Abstract
https://doi.org/10.3389/fonc.2021.675038
http://dx.doi.org/10.3389/fonc.2021.675038
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34079764&dopt=Abstract
http://dx.doi.org/10.5888/pcd18.210086
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34138696&dopt=Abstract
http://dx.doi.org/10.1177/02654075211061907
http://dx.doi.org/10.1111/famp.12775
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=35419816&dopt=Abstract
http://dx.doi.org/10.1037/amp0000714
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32700937&dopt=Abstract
http://dx.doi.org/10.1089/lgbt.2020.0187
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32790495&dopt=Abstract
http://europepmc.org/abstract/MED/32950924
http://europepmc.org/abstract/MED/32950924
http://dx.doi.org/10.1016/j.socscimed.2020.113364
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32950924&dopt=Abstract
https://europepmc.org/abstract/MED/33500676
http://dx.doi.org/10.2147/JHL.S270175
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33500676&dopt=Abstract
http://dx.doi.org/10.1111/phn.12959
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34403525&dopt=Abstract
http://dx.doi.org/10.1136/bmjopen-2020-044661
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=35131810&dopt=Abstract
http://dx.doi.org/10.1093/jnci/djab049
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33755126&dopt=Abstract
http://dx.doi.org/10.1111/psyp.13031
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29152761&dopt=Abstract
http://dx.doi.org/10.1146/annurev-psych-122216-011902
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29035688&dopt=Abstract
http://dx.doi.org/10.1037/a0031859
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23527470&dopt=Abstract
http://dx.doi.org/10.1177/02654075221115387
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=38603371&dopt=Abstract
http://dx.doi.org/10.1177/08862605211006359
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33866855&dopt=Abstract
http://dx.doi.org/10.1016/j.jbef.2017.12.004
http://dx.doi.org/10.1016/j.jesp.2017.01.006
https://researcher-help.prolific.co/hc/en-gb
http://dx.doi.org/10.1016/j.ijnurstu.2021.104058
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34454334&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/


27. Ackerman R, Kenny D. APIMPowerR: an interactive tool for actor-partner interdependence model power analysis. Computer
Software. 2016. URL: https://Robert-a-Ackerman.shinyapps.io/APIMPowerRdis [accessed 2024-06-17]

28. Faul F, Erdfelder E, Lang AG, Buchner A. G*Power 3: a flexible statistical power analysis program for the social, behavioral,
and biomedical sciences. Behav Res Methods. 2007;39(2):175-191. [doi: 10.3758/bf03193146] [Medline: 17695343]

29. Hewson C. Research design and tools for internet research. In: Fielding NG, Lee RM, editors. The Sage Handbook of
Online Research Methods (2nd Ed.). London. Sage; 2017:57-75.

30. Pew R. How many Hispanics are there in the U.S. today? Pew Research. 2023. URL: https://www.pewresearch.org/
short-reads/2023/09/05/who-is-hispanic/ [accessed 2024-06-17]

Abbreviations
APIMPowerR: Power Analysis for Actor-Partner Interdependence Model
CAPTCHA: Completely Automated Public Turing test to tell Computers and Humans Apart
LGB: lesbian, gay, bisexual, or pansexual
NCI: National Cancer Institute
R2C2 study: relationships, risk perceptions, and cancer-related behaviors during the COVID-19 pandemic study

Edited by S Ma; submitted 01.06.23; peer-reviewed by A Gresham, S Chaudhry; comments to author 25.04.24; revised version received
15.05.24; accepted 16.05.24; published 31.07.24

Please cite as:
Bowers JM, Huelsnitz CO, Dwyer LA, Gibson LP, Agurs-Collins T, Ferrer RA, Acevedo AM
Measuring Relationship Influences on Romantic Couples’ Cancer-Related Behaviors During the COVID-19 Pandemic: Protocol for
a Longitudinal Online Study of Dyads and Cancer Survivors
JMIR Res Protoc 2024;13:e48516
URL: https://www.researchprotocols.org/2024/1/e48516
doi: 10.2196/48516
PMID:

©Jennifer M Bowers, Chloe O Huelsnitz, Laura A Dwyer, Laurel P Gibson, Tanya Agurs-Collins, Rebecca A Ferrer, Amanda
M Acevedo. Originally published in JMIR Research Protocols (https://www.researchprotocols.org), 31.07.2024. This is an
open-access article distributed under the terms of the Creative Commons Attribution License
(https://creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in any medium,
provided the original work, first published in JMIR Research Protocols, is properly cited. The complete bibliographic information,
a link to the original publication on https://www.researchprotocols.org, as well as this copyright and license information must be
included.

JMIR Res Protoc 2024 | vol. 13 | e48516 | p. 14https://www.researchprotocols.org/2024/1/e48516
(page number not for citation purposes)

Bowers et alJMIR RESEARCH PROTOCOLS

XSL•FO
RenderX

https://Robert-a-Ackerman.shinyapps.io/APIMPowerRdis
http://dx.doi.org/10.3758/bf03193146
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17695343&dopt=Abstract
https://www.pewresearch.org/short-reads/2023/09/05/who-is-hispanic/
https://www.pewresearch.org/short-reads/2023/09/05/who-is-hispanic/
https://www.researchprotocols.org/2024/1/e48516
http://dx.doi.org/10.2196/48516
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

